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1. Introduction

The Supplemental Nutrition Assistance Program (SN&Ehe nation’s largest nutrition assistance
program; in the average month of federaldlsear 2019, SNAP helped 36 million poor and low-
income Americans in 18 million households pash food, at a total annual federal cost of $60.4
billion. The program is administered by thedd and Nutrition Service (FNS) of the U.S.
Department of Agriculture (USDA) ioooperation with states (USDA, 2021).

Each year, FNS publishes SNAP participation rateBned as the number of individuals and cases
who receive SNAP under federal income and asses$, divided by the number who are eligible
for assistance (Cunnyngham, 2018). The numberpaficipants is obtained from state
administrative data. However, administrative dddanot contain information on people who are
eligible but do not apply for SNAP, so the numb&mdividuals and cases eligible for SNAP is
estimated by applying microsimulatiomodels to household survey data.

Microsimulation M odels

Microsimulation models apply SNAP eligibility les to households in swey data to determine
if, based on the demographic and income infaionareported in the survey, the people in the
household are eligible for benefits. If a surveyusehold contains omperson, a married couple,
or parents with minor childrethe household is treated as agse “unit” for SNAP purposes.
More complex households containing multiple iizes or unrelated individuals may be divided
into more than one unit,ith each treated separately fdigibility determination.

The FNS participation rate estimates are dgperddoy Mathematica, using the MATH CPS-based
eligibility model. The model produces SNAP eligibility estimates using data from the Current
Population Survey Annual Social and Econo®ipplement (CPS ASEC). The CPS ASEC is a
nationally representative survey of househ@dministered by the Census Bureau in February,
March, and April of each year. The survey gashdetailed income and demographic information
and is the source of the Census Bureatffisial poverty estimates (Semega et al., 2020).

SNAP patrticipation rates and other program paitgn rates are also geaéed by the Transfer
Income Model Version 3 (TRIM3), a microsimulati model that is developed and maintained by
the Urban Institute with funding from the U.S.g2etment of Health anduman Services, Office

of the Assistant Secretary for Planning andlbation (HHS ASPE) (Zedlewski & Giannarelli,
2015). TRIM3 provides HHS ASPE with SupplenarBecurity Income (SSI) and Temporary
Assistance for Needy Family (TANF) participati rate estimates for use in an annual report to
Congress (HHS, 2018) and perfordedailed simulations of SNA&nhd other means-tested benefit
programs. The TRIM3 project team provides SNABilality and participation rate estimates to
HHS ASPE in annual unpublied baseline reports.
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Background and Motivation for the Study

For several years, the FNS ahRIM3 participation rate mbabdologies have generated SNAP
participation rates that are above 100 petcfor some demographic subgroups. SNAP
participation rates exceeding 100 percent are wagd. Even with substantial program outreach,
some eligible families will elect not to participaso participation rate estimates should be below
100 percent. A partipation rate abov&00 percent does not necessarily indicate that ineligible
people are receiving assistance—iuld arise from any numbesf issues related to the
administrative data, survey data, both, and/errtiicrosimulation methods used to produce the
eligibility estimates.

In 2014, FNS and Mathematica convened an expedlga discuss the isswof the unexpectedly
high participation rates for certain populaticcsubgroups. The panel considered various
methodological changes, some of which have eptemented; none appe@arhave the potential

to bring participation rates forrsile-parent families below 100 percérithe panel convened
again in 2017, and panelists submitted recommendafor research. An internal memorandum
to FNS summarizes thmnel’'s recommendations.

In this report, we follow up on some ofetlexpert panel’s research recommendationg first
compare SNAP patrticipation rate estimates sEmicrosimulation modelsnd data sources to
determine if the high participation rates are unituéhe FNS estimates or are also observed in
other models and data sources. iMen analyze SNAP administnai data that have been linked

with the CPS ASEC to explore data and modeling issues that might explain the high participation
rate estimates. We merge TRIM3 eligibilityadis with the linked data to investigate the
characteristics of SNAP cases simulated as eligible and ineligible in TRIM3.

The linked data analysis builds upon a concerted multiple-year effort by the Census Bureau in
cooperation with the USDA to obtaENAP administrative data from individual states to support
research combining administrative and survey tigtar analyses of linked SNAP administrative

and survey data use data files produced by Madhieenunder contract to FNS, in which the SNAP
administrative data for lllinois, Mississippi, amdnnessee were cleane@stardized, and linked

with the CPS ASEC This report also incorporates ungished microsimulation model estimates
made available to us by Mathematica and FNS.

! See Leftin, Smith, & Cunnyngham (2015) for a summary of the expert panel’s recommendations.

2 See Cunnyngham, Gray, & Lauffer (2017) for a summary of the expert panel's recommendatiohg f2oh7t
panel.

3 Laura Wheaton, the lead author for théport, served as a member of both expert panels and offered many of the
recommendations pursued here. She co-directs the TRIM3 microsimulation project at the Urban Institute.

“https://www.ers.usda.gov/topicstfd-nutrition-assistance/food-asaiste-data-collaborative-research-
programs/census-fress-joint-project/

5 Czajka & Cunnyngham (2021).
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Analyses and Key Findings

We present findings from our anaégsin the next three chaptersd conclude with a summary of
our findings and implicationfor future research.

SNAP Participation Rate Estimates by Model and Data Source

Chapter 2 presents the findings of our comparigdmaicrosimulation mods and data sources.

We compare the FNS participation rate estimates developed using the MATH CPS-based
eligibility model with estimates produced hyther microsimulation models developed by
Mathematica and the Urban Institute. These mochatsalso produce eligibility and participation

rate estimates, though their pam purpose is to estimate the effects of potential SNAP policy
changes.

We find that certain subgroudsave participation rates df00 percent or more across all
microsimulation models and data sources examined. These subgroups include SNAP cases
consisting of a single adult witthildren, people in SNAP casegh countable income below 50
percent of the poverty guidelinend people in SNAP cases eligitior between 76 and 99 percent

of the maximum benefit for their case sizeh@tsubgroups, such as one-person SNAP cases,
child-only SNAP cases, and caswith adults age 18 to 49itlwout disabilities in childless
households have high participation rates in theTMACPS estimates, but not in the other models

or data sources examined, suggesting that difte®in modeling approach may play a role. We
examine results both at the national level and in the three states included in the linked data
analysis—Illinois, Mississippi, and Tennessee.

Representation of SNAP Cases in the CPS ASEC

In Chapter 3, we analyze linked SNAP admintsteadata and CPS ASEC data for lllinois,
Mississippi, and Tennessee to see if therevglence of survey under-coverage of SNAP
participants overall or for key subgroups. If SNA&rticipants, or certain subgroups of SNAP
participants, are underrepresented in the surveg, daen this could antribute to eligibility
estimates that are below the adtievels of participation aocding to administrative data.

We find that the three states differ in whetheuseholds with SNAP rquients are more likely,
less likely, or abouequally likely to respond tthe ASEC than are households without SNAP
recipients. Combining results for the three states{ind that SNAP cases with one adult and one
or more children are less likely to be in houddh with a CPS ASEC farview than are SNAP
cases with multiple adults and children. We finidence to suggest that SNAP cases with one
adult and one or more children may be undeesgnted in the final CPS ASEC, though further
work is needed to confirm these findings.

TRIM3 Simulated Eligibility of SNAP Cases in Linked Data

In Chapter 4, we present the results of anyamathat merges TRIM3 SNAP unit identifiers and
eligibility flags with the linked CPS ASEC aradiministrative data. We examine SNAP cases in
the linked data to see if they are in a TRIM3 wimtulated as eligible or ineligible for SNAP. We
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observe the extent to which differences inIMR unit and SNAP case membership affect the
TRIM3 eligibility estimates and explore the ext¢o which imputatiorof CPS ASEC variables
and other factors affect simuldteligibility. We find that diffeences in TRIM3 unit and SNAP
case membership are much more common anm®tilyl3 units found ineligible for SNAP than
among those found eligible. SNAP cases simulatededgible in TRIM3 are also much more
likely than those simulated as eligible to‘éole imputes” in which the ASEC portion of the
survey is imputed, or to ke imputed income amounts.

We then focus on a key subgroup—SNAP casiés @ne adult and one or more children—and
find that just 52 percent are identified as iblg one-adult plus chdl units within TRIM3.
Common reasons for this discreps include the absence of tB&AP case’s children from the
ASEC household, the absence of the case adult from the ASEC household (with children living
instead with multiple adults, such as grandpareamd other relatives), and the inclusion in the
TRIM3 unit of a spouse, partner, or other adui&ge consider possible explanations for these
discrepancies, including movement of childeerd adults between households and definitional
differences regarding how adults who are inelgithue to immigrant status for other reasons

are counted in the administirge data and survey data.

Conclusion and Recommendations for Future Research

In Chapter 5, we conclude with a discussion thghlights the key findings of the analyses and
considers their implications for microsimulatioodeling and linked admisiirative data analysis.
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Definitions Used in this Report

FNS publications typically use the term “househdtfefer to the group of people who apply for
and receive SNAP together. We use the técase” for this concept and reserve the term
household to describe the group of people who shagsidence. A residence can have more than
one SNAP case if individuals or groups of peoplthin the shared residence purchase and prepare
food separately.

A TRIM3 “unit” is a “case” as defined by the TRBmicrosimulation model. Much of our analysis
focuses on differences in case, household, antM3Rnit membership. We use the term case to
refer to the group of people who apply for and ree&NAP together to help keep these concepts
distinct.

Key Definitions
Housing Unit: A house, apartment, group of rooms, or single room intended as separate living quarters
Household: The individual or group of people who occupy a housing unit

Microsimulation Model: A sophisticated computer program that applies detailed eligibility rules to
individual people and households in household survey data to simulate eligibility and
participation in government programs

SNAP Case: The individual or group of people who apply for SNAP together
¢ Includes people who live together and customarily buy and prepare food together
e There can be more than one “case” in a “household” as defined above

SNAP Participant: A person or case receiving SNAP benefits

SNAP Participation Rate: The number of SNAP participants divided by the number eligible for SNAP

e The number of participants is obtained from FNS administrative data.
e The number eligible for SNAP is estimated using microsimulation models.
e Participation rates are estimated at both the person level and case level.

TRIM3 Unit: The “case” as defined by the TRIM3 microsimulation model
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2. SNAP Participation Rate Estimates by Model and Data Sour ce

In this chapter, we examine the extentwbich participation rate estimates vary by the
microsimulation model and survey used to produeestimate, and also by whether eligibility is
determined under federal rules alone or when @mislnding participantsnade eligible through
state broad based categoriebdjibility rules (BBCE).

If a demographic subgroup has an unexpectedly participation rate aoeding to one model but
not another, it might be useftd explore how different modelirgpproaches affect the estimate.
But if a demographic subgroup has an unexpectadly participation rate across models, it might
be best to focus on issues ie tinderlying survey data and SNABministrative data, while also
considering how commonalitiés approach across modesght influence the result.

Although we are primarily concerned with groudpat have estimated participation rates above
100 percent, we expand the analysis to includeigs with participatiomates above 90 percent.
While it is possible that a subgroup truly has aipigdtion rate above 90 percent but below 100
percent, it is also possible thaetparticipation rate is overstated.

We begin by describing the models, surveys, @daid years included in the analysis. We then
briefly describe the methodology usedoroduce participation ratetesates, eligibility estimates,
and information about participants. Next, s@mmarize participation rates for key subgroups
across models, surveys, and data years—hightiglkiey differences by source. We then turn our
focus to subgroups with estimated participatrates exceeding 90 pertd, according to 2016
participation rates developed by Mathematioa FNS. We examine how results for these
subgroups compare across models, data sourceslatangears at the natial level and for the
three states included in the linked data analygesconclude by discussing the implications of the
findings for the remainder of our alysis and for future research.

Models, Surveys, and Data Years

Our analysis examines partictfpa rates in 2016 (the most recentilable estimate across models
at the time work began) and 2011 (selectedlkow comparison with results generated from
Survey of Income and Program Participation (SIPP) data).

We obtained results from the followimgodels, surveys, and data years:

CPS-based models
e MATH CPS-based €ligibility model (developed by Mathematica under contract with
FNS). This model provides the eligibility estimatased to develop the participation rates
released annually by FNS (Cunnyngham, 2018¢. bdel operates on data from the CPS
ASEC.

We obtained 2011 and 2016 estimates fromlipdd data, where available. With
permission from FNS, Mathematica prowideis with estimates for subgroups with
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participation rates above 100 pent (which are masked inghpublished datagligibility
estimates for the three linked data studyestaéind eligibility esmates including BBCE.

e TRIM3 model (developed by the Urban Institute under contract with HHS ASPE). We
generated 2011 and 2016 TRIM@8gibility estimates from publicly available TRIM3
baseline data at the national level and ferttirvee states. TRIM3 uses data from the CPS
ASEC.

SIPP-based model

e MATH SIPP+ (developed by Mathematica under contract with FNS). The MATH SIPP+
model operates on SIPP data. With perrmois$éiom FNS, Mathematica provided national
level eligibility estimates for 2011 from the MATH SIPP+ model. We calculated
participation rates from these eligibility estimates using the same numerator as in the CPS-
based estimates. Due to sample size limitations in the SIPP, we do not include state
estimates.

ACS-based model

e Urban Institute ATTIS model (developed by the Urban Ingtitute with foundation
funding). The Analysis of Transfers, Taxesidalncome Security (ATTIS) Model adapts
TRIM3 simulation methods to the American Community Survey (AG8g prepared the
2016 eligibility estimates presented herghatnational level anfbr the three states.

M ethodology

The participation rates presented here are ckedilby dividing the number of people or cases
that participate in SNAP according to SNAP axistrative data by the number that are eligible

for SNAP. Mathematica estimates the number ofigpants using data from the SNAP QC data

file, an edited version of a raw data file generated by the SNAP Quality Control System, based on
a sample of participating (Cunnyngham, 2018). The eligityilestimates are obtained by
applying microsimulation models to survey datae SNAP QC estimates reflect participation in

the “average month” of the federal fiscal year. The eligibility estimates are also designed to reflect
an “average month,” although the dats vary in their definitior.

Because the eligibility estimates and participemunts are drawn frordifferent sources, it is
possible for the estimated participation rate toeexi 100 percent. This occurs if there are more
participants, according to the adnsitrative data, than there areopée eligible, according to the

6 ATTIS uses an augmented version of the ACS produceatieoyniversity of Minnesota's Integrated Public Use
Microdata Series project (Rugglesal., 2020); (ATTIS stands fénalysis of Transfers, Taxes, and Income Security;
TRIMS is theTransfer Income Model, version 3). See Pyati (2020) for an ewiew of the ATTIS model.

”The MATH CPS model combines data from two conseewtears of CPS ASEC data to construct an average
monthly eligibility estimate representing the federatdisyear. The TRIM3 and ATTIS average monthly estimates
reflect the calendar year. The MATH SIPP+ model usgibdéity estimates from a single month of SIPP data.
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microsimulation estimates. As noted above, tkisiot necessarily due to ineligible people
receiving SNAP; various data and methodolabissues could contribute to the result.

Rates are Shown Under Federal Rules Alone and then Including BBCE

We provide two different sets participation rate estimates. We first provide estimates calculated
according to the methodology used to produce the official FNS participation rate estimates (e.g.,
Cunnyngham, 2018). These estimates reflect elityikdind participation among cases that are
eligible for SNAP under federalules. The estimates excluddditional cases nue eligible
through state BBCE rulédn addition to showingarticipation rate estiates under this primary
definition, we also show participation rastimates when BBCE policies are included.

The models estimate eligibility by first determmig which members of a survey household apply
together for SNAP. This creates one or morepiédl SNAP units within a survey household. The
models then use SNAP eligibility and benefit rutedetermine the eligibtly and benefits of each
potential SNAP unit, based on the income dedhographic information of the unit members.
When simulating eligibility under the federaN&P rules, the simulation models “turn off”
eligibility through stateBBCE policies. The state BBCE eligiityl rules are theriturned on” to
produce eligibility estirates including BBCE.

When calculating participation rat@inder the first definition (federalles) we use participation
counts from the published participation rate estimates (Cunnyn@@d@). These estimates are
derived from SNAP Quality Control (QC) data, laue adjusted to excludmses that would be
ineligible for SNAP under federal rul@swith permission from FNS, Mathematica provided
additional unpublished estimates for tetates included in this analysM/hen calculating
participation rates under the brodeffinition of eligibility (including BBCE) we use data for all
SNAP patrticipants based on SNAP QC dat#éhéfrequired participartount for the subgroup is
available in the 2011 or 201Gharacteristics of Supplemental Nutrition Assistance Program
Households report, we use the published figdPeOtherwise, we calculate the number of
participants from the SNAP QC data.

Participation Rate Estimatesfor Key Subgroups

We present key findings from the analysisleibles 2.1, 2.2, and 2.3 (below). Appendix Tables
A.1 and A.2 provide the underlying eligibilitynd participation numberssed to calulate the
national participation rate estineat as well as results for atilchal subgroups. Detailed findings
for lllinois, Mississippi, ad Tennessee are provided ippendix Tables A.3 through A.8.

8 BBCE provides states the flexibility to waive assets testeogase the asset limit. States also increase the gross
income eligibility limit as high as 200 percent of theverty guideline, making additional households eligible for
assistance. However, states cannot change the phase-out of the SNAP benefit, and so hougehalas thear
benefit phased out or reduced to a small benefit antmfote the higher eligibility limit is reached.

% The adjustment involves imputation, besa states that have opted to waive the assets test lack data on assets that
would be needed to determine if a housel®leligible according to federal rules.

10 See USDA 2012 and 2017.
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Table 2.1 shows participation rafes cases, individuals, individuals age, and adults age 18 to

49 without disabilities in childies households. The top panel shows participation rates estimated
under federal rules (excluding teffect of BBCE), and the botto panel shows results for all
participants and eligible peaplincluding those made eligible through state BBCE policies. We
show results for 2016 for the MATEIPS-based eligibility model fiexred to here as MATH CPS),
TRIM3, and ATTIS. We show results for 201 fdATH CPS, TRIM3,and the MATH SIPP+

model.

Key findings from Table 2.1 include the following:

Participation rates are highin 2016 than 2011 for both T!R3 and the MATH CPS model

and for both sets of eligibility rules. The case participation rates are 7 percentage points
higher in 2016 than in 2011 according to MATHPS and 8 percentage points higher in
2016 according to TRIM3.

The overall 2011 MATH SIPP+ case and indival participation r@ estimates are
approximately halfway betweengdtMATH CPS and TRIM3 estimates.

The 2016 ATTIS participation rate estimatesgarerally lower than thparticipation rate
estimates for the other two models. This rbayecause the ACS does not capture as much
“other income” (income types not specifically addressed in the questions) as is captured in
the CPS, so fewer cases &rend ineligible based on agggated sources of income.

MATH CPS participation rates are higher tHERIM3 when modeling federal rules, but
closer to TRIM3 for most key subgroupghen modeling BBCE rules. A possible
explanation is that some parts of each moelgliring greater imputation (i.e., asset values
and net income amounts) aret @g critical when simulating BBCE, so are less likely to
contribute to variatin in the estimates.

Participation rate estimates vary more for cases than for individuals under federal rules,
but not under BBCE rules. The 2016 case padtmp rate is 14 points higher in MATH

CPS than TRIM3 under federal rules, but Rigibints higher witlBBCE. The MATH CPS
individual participation rates 5 points higher than TRIM3 undiederal rules, and 4 points
lower than TRIM3 under BBCE.

The 2016 child participain rates are at least 100 perckm both TRIM3 and the MATH
CPS model when simulating federal rules and are 90 percent or more when simulating
BBCE rules.

The participation rate for adalage 18 to 49 without disalbidis in childless households is
97 percent for the MATH CPS model (in 20a6der federal rules), but much lower in
TRIM3 (63 percent). This gap @éso large under BBCE estimates.
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Table 2.1 National SNAP Participation Rates, as Defined by Number Participating According to SNAP QC

Based Estimates Divided by Number Eligible, by Data Source, Model, Year, and whether Estimate

includes State BBCE

2016 2011
CPS ACS CPS SIPP
MATH  TRIM3 ATTIS | MATH TRIM3 MATH
Federal Rules
All cases 89 75 66 82 67 74
All individuals 85 80 72 78 72 75
Age
Children (17 or younger) 104 100 91 96 89 84
Pre-school age (0-4) 105 103 91 101 96 95
School-age (5-17) 104 98 91 93 86 79
Nonelderly adults (18 to 59) 88 80 70 79 71 76
Elderly individuals (60+) 45 43 41 38 38 44
Adults age 18 to 49 without disabilities in
childless households 97 63 47 83 54 77
Including Broad Based Categorical Eligibility (BBCE)
All cases 63 61 58 58 57 58
All individuals 62 66 63 58 63 60
Age
Children (17 or younger) 90 91 85 82 83 75
Pre-school age (0-4) 92 94 85 89 92 87
School-age (5-17) 89 90 85 79 79 70
Nonelderly adults (18 to 59) 70 70 63 63 64 63
Elderly individuals (60+) 25 30 32 19 26 27
Adults age 18 to 49 without disabilities in
childless households 70 52 41 63 48 62

Source: Developed from eligibility estimates from the MATH CPS-Eligibility model, MATH SIPP+ model, TRIM3, and ATTIS
combined with participation estimates based on SNAP QC data (as processed by Mathematica)

10
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Subgroupswith Participation Rates above 90 Per cent

Table 2.2 presents participation rate estimidesubgroups with MATH CPS participation rates
above 90 percent in 2016 according to mitEd estimates (Cunnyngham, 2018). Although our
primary focus is on subgroups wiparticipation rates above 100 pergewve are also interested in
subgroups with participation rates above 90 pdrc&a noted in the imoduction, while it is
possible that a subgroup truly hegarticipation rate above 90rpent but below 100 percent, it
is also possible that the paipation rate is overstated.

Key findings from Table 2.2 include thellowing (for 2016 under federal rules):

Participation rates for cases consisting alirggle adult with childen are far above 100
percent for MATH CPS (133 percent) aRRIM3 (129 percent). ATTIS also has a 109
percent participatiorate for this group.

Both TRIM3 and MATH CPS have participat rates of at least 100 percent for the
following groups:

o
o
o

o

Children
People in cases with no countable income

People in cases with income betweemd &0 percent of the poverty guideline for a
case of their size

People in cases eligible for benefits eqoal6 to 99 percent of the maximum benefit
for a case of their size, and peopleases eligible for the maximum benefit

Cases composed of a single advith children (as noted above)

The MATH CPS participation ta is at least 100 percent BtRIM3 is below 100 percent
for the following subgroups:

o
o
o

Child-only cases (135 percent MA CPS, 85 percent TRIM3)
Cases with SSI (102 percent MATH CPS, 94 percent TRIM3)

Cases with no countable income ocame below 100 percent of the poverty
guideline

The MATH CPS patrticipation rate is betwe@h and 99 percent but TRIM3 is below 91
percent for the following subgroups:

o

Adults age 18 to 49 without disabilities ahildless households (as noted for Table
2.1)

People in one-person cases (98 petdVIATH CPS, 67 percent TRIM3)
People in cases without eachi@come (94 percent MATIEPS, 86 percent TRIM3)

People in cases with income betwegh percent and 100 percent of the poverty
guideline (95 percent MATIEPS, 80 percent TRIM3)

11
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Participation rate estimates are also high for some subgroups when simulating BBCE rules,
although BBCE does attenuate ovepaliticipation levels. Subgroupsth high partigpation rates
include (for 2016):

e People in cases with no income (98gemt MATH CPS112 percent TRIM3)

e People in cases with countable income leetwl and 50 percent of the poverty guideline
(104 percent MATH CPS, 99 percent TRIM3)

e People in cases eligible for 76 to 99 peradrthe maximum ben#f(115 percent MATH
CPS, 111 percent TRIM3)

e People in cases eligible for the maximbenefit (99 percent foboth MATH CPS and
TRIM3)

e Cases with a single adult and children (p2dcent MATH CPS and 118 percent TRIM3)

In addition, the MATH CPS p#cipation rate estimates for itdh-only cases remain high under
BBCE: 123 percent in MATH CPS under BBCE wnii@ 2016, compared with 74 percent for
TRIM3.
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Table 2.2 Subgroups with Estimated Participation Rates above 90 Percent According to 2016 FNS Mathematica
Estimates, by Data Source, Model, Year, and whether Estimate Includes State BBCE

2016 2011
CPS ACS CPS SIPP
MATH  TRIM3 ATTIS | MATH TRIM3 MATH
Federal Rules
Individual Characteristics
Age
Children (17 or younger) 104 100 91 96 89 84
Pre-school age (0-4) 105 103 91 101 96 95
School-age (5-17) 104 98 91 93 86 79
Adults age 18 to 49 without disabilities in childless households 97 63 a7 83 54 77
In one-person cases 98 67 58 90 58 73
In cases without earned income 94 86 83 88 81 90
Countable income as a percentage of poverty guidelines
No income 102 105 86 75 78 90
1 to 50 percent 118 105 104 119 97 108
51 to 100 percent 95 80 75 87 75 73
Benefit as a percentage of maximum benefit
76 to 99 percent 124 113 109 109 95 106
Maximum benefit 111 101 86 90 89 97
Case Characteristics
Case composition
Single-adult with children 133 129 109 125 114 99
Child only 135 85 78 136 68 83
Cases containing
Non-elderly individuals with disabilities 93 93 96 84 83 90
Adults age 18 to 49 without disabilities in childless
households 115 71 54 100 61 79
Case countable income source
SSli 102 94 95 93 86 90
Countable income as a percentage of poverty guidelines
No income 118 99 81 91 74 102
1 to 50 percent 123 95 91 131 93 109
51 to 100 percent 100 77 72 92 72 74

(Table continues)

13



Factors Contributing to High Estimated SNAP Participation Rates

Table 2.2 (continued)

2016 2011
CPS ACS CPS SIPP
MATH  TRIM3 ATTIS | MATH TRIM3 MATH
Including Broad Based Categorical Eligibility (BBCE)
Individual Characteristics
Age
Children (17 or younger) 90 91 85 82 83 75
Pre-school age (0-4) 92 94 85 89 92 87
School-age (5-17) 89 90 85 79 79 70
Adults age 18 to 49 without disabilities in childless households 70 52 41 63 48 62
In one-person cases 72 56 52 64 50 55
In cases without earned income 70 72 74 66 69 72
Countable income as a percentage of poverty guidelines
No income 98 112 91 71 81 91
1 to 50 percent 104 99 103 107 94 99
51 to 100 percent 88 79 75 80 75 70
Benefit as a percentage of maximum benefit
76 to 99 percent 115 111 110 100 94 102
Maximum benefit 99 99 87 82 88 90
Case Characteristics
Case composition
Single-adult with children 120 118 103 113 108 92
Child only 123 74 73 128 66 80
Cases containing
Non-elderly individuals with disabilities 80 86 92 71 76 81
Adults age 18 to 49 without disabilities in
childless households 84 60 47 76 56 64
Case countable income source
SSi 99 91 93 87 83 86
Countable income as a percentage of poverty guidelines
No income 115 107 87 87 7 102
1 to 50 percent 102 88 90 111 88 96
51 to 100 percent 93 76 72 85 71 71

Source: Developed from eligibility estimates from the MATH CPS-Eligibility model, MATH SIPP+ model, TRIM3, and ATTIS
combined with participation estimates based on SNAP QC data (as processed by Mathematica)

Subgroups defined based on "Trends in Supplemental Nutrition Assistance Program Participation rates: Fiscal Year 2010

to Fiscal Year 2016"
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Subgroups with Participation Rates above 90 Percent in 2016, including State Results

Table 2.3 provides lllinois, Missiggpi, and Tennessee estimatesler federal rules and BBCE in
2016 for the subgroups of interest. We presdihages from the MATH CPS and TRIM3 models,
omitting some subgroups due to low sample sizes.

All the state estimates should be interpdetgth caution due to sample size limitatidhg.hese

are not the official FNS state participationtimstes. The official estimates use shrinkage
methodology to overcome the Ilimitations of small sample sizes (Cunnyngham, 2019).
Nevertheless, the MATH CPS estimates preseherd are close to the official estimates. The
estimate for lllinois is 103 percefthe published estimate indicat#sois has a participation rate

of at least 100 percent), the estimate for MisgEg(78 percent) is lower than the point estimate

in the published results (83 percehbtit is within the onfidence interval in the published results.
The estimate for Tennessee (93 percent) matches the point estimate in the published data.

We provide the state estimatedisat we can see if subgroupghwunexpectedly high participation
rates in the national data have similarly high parditign rates in the state data. If so, analysis of
the linked survey and administrative data for tlagesmight offer helpful insights into the reasons
for high participation rates at the national level. But if theigpgtion rate for the subgroup is
much lower than at the national level, analysighefstate may not be as informative. We describe
results for each state, after first giving a brief deson of key policies ireffect in the state in
2016.

lllinois

lllinois had BBCE in 2016—there was no asset &st the gross income limit was 165 percent of
poverty (relative to 130 peent under federal ruldsr cases without anarly member or person
with disabilities).

Another area of state policy variation involvesattter a state has a waiver from the 3-month time
limit for able-bodied adults without children BAWDSs) who do not meet work requirements.
States can apply for waivers from the ABAWD tinmaiti for the full state or for parts of the state
due to high unemployment or insufficient joBsEligibility estimates for adults age 18 to 49
without disabilities in citldless households are likely to b#egted by whether the state has an
ABAWD waiver; lllinois hadan ABAWD waiver covering the entire state in 2016.

Key findings for lllinoisinclude the following:

e The MATH CPS estimates for lIllinois (undéxderal rules) exceed 100 percent in all
subgroups of interest. The estimates from Illinois exceed the national estimates for all
subgroups.

11 We have shaded cells in the table that have 50veerfebservations, to identifyells where sample sizes are
particularly low.

2 ENS issued revised regulations in 2019. The polisgudeed here reflects the rules in effect in 2016.
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e The TRIM3 estimates for lllinois also equal exceed the national TRIM3 estimates for
all subgroups, though remabelow 100 percent for some.

e Estimated participation rates are substanti@aiyer in Illinois when BBCE eligibility is
simulated, but still substantially exceed 10@écpat for some subgroups, suggesting that it
is not just the additional imputations neededstimate participation rates under federal
rules that causes the high participation rates. The overall reduction in participation rates
with BBCE is not surprising, since the cases Hetome eligible foBNAP due to lllinois’
higher income limit likely qualify for smalleloenefits than other participants and may
therefore be less likely to participate.

Mississippi
Asset limits were waived in 2016 under MississgppBBCE policy, but income eligibility limits

were the same as federal rules. Mississippirgit have a waiver from ABAWD time limits in
2016.

Key findings for Mississippi (under thiederal rules) include the following:

e Mississippi has lower estimated participatiotesathan the national estimates; this holds
true across most of the subgroups showhahle 2.3, for both MATH CPS and TRIMS3.

e However, participation rates in Mississippi are particularly high for single-adult cases with
children (142 percent in MATIEPS and 129 percent in TRIMS3).

e The participation ratestimates for adults age 18 to W@&hout disabiliies in childless
households exceed the natibrate in both MATH CPSnd TRIM3 and is above 100
percent in MATH CPS.

e In contrast, the participation rate for chddly cases is very lown Mississippi in both
models (20 percent in MATH CPS and 11 percent in TRIM3).

Tennessee

Tennessee did not have BBCE in 2016. Thereforggraeide results only for eligibility under the
federal rules. Tennessee remtuced ABAWD time limits in2016, though it did have waivers
covering counties with the ¢gfiest unemployment rates.

Key findings for Tennessee include the following:

e The Tennessee patrticipation regdnigher than theational estimates for both models, and
this holds true for most of the subgroupswn in Table 2.3. However, the participation
rates for most subgroups are gatte as high as in lllinois.

¢ Most of the subgroups have MAl CPS participation rate @sates close to or exceeding
100 percent. Child-only casesan exception, withn estimated parigation rate equal
to 72 percent in Tennessee, compared 3B percent in the national MATH CPS
estimate.
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Table 2.3  All Participating Individuals and Cases and Subgroups with Estimated Participation Rates

above 90 percent According to 2016 FNS Mathematica National Estimate, 2016 CPS
Estimates for MATH CPS and TRIM3, Nationally and for Three States

(Data cells shaded in grey indicate sample size less than 50)

MATH CPS TRIM3
National IL MS TN National IL MS TN
Federal Rules
Individual Characteristics
All individuals 85 103 78 93 80 94 79 89
Age
Children (17 or younger) 104 114 99 112 100 103 97 108
Adults age 18 to 49 without disabilities in
childless households 97 160 105 163 63 80 79 88
In one-person cases 98 124 79 113 67 89 57 74
In cases without earned income 94 133 90 106 86 123 87 99
Countable income as a percentage of
poverty guidelines
No income 102 172 94 156 105 178 106 125
1 to 50 percent 118 137 106 111 105 109 89 111
51 to 100 percent 95 116 91 102 80 95 79 83
Benefit as a percentage of maximum
benefit
76 to 99 percent 124 129 92 104 113 125 105 122
Maximum benefit 111 146 86 114 101 111 96 108
Case Characteristics
All cases 89 115 78 97 75 95 71 81
Case composition
Single-adult with children 133 174 142 136 129 149 129 120
Child only 135 186 20 72 85 110 11 53
Cases containing
Adults age 18 to 49 without
disabilities in childless households 115 191 123 209 71 94 82 96
Countable income as a percentage of
poverty guidelines
No income 118 234 107 185 99 183 93 127
1 to 50 percent 123 144 113 108 95 95 80 82
51 to 100 percent 100 117 89 102 77 95 71 78

(Table continues)
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Table 2.3 (continued)

MATH CPS TRIM3
National IL MS TN National IL MS TN
Including Broad Based Categorical Eligibility (BBCE)
Individual Characteristics
All Individuals 62 72 71 66 74 79
Age
Children (17 or younger) 90 89 92 91 90 98
Adults age 18 to 49 without disabilities in
childless households 70 109 100 52 71 83
In one-person cases 72 84 74 56 69 57
In cases without earned income 70 90 81 72 96 87
Countable income as a percentage of
poverty guidelines
No income 98 153 89 112 192 110
1 to 50 percent 104 105 96 99 101 87
51 to 100 percent 88 102 84 79 94 80
Benefit as a percentage of maximum
benefit
76 to 99 percent 115 111 84 111 121 105
Maximum benefit 99 116 80 99 111 97
Case Characteristics
All cases 63 78 72 61 72 71
Case composition
Single-adult with children 120 144 137 118 125 128
Child only 123 172 20 74 101 11
Cases containing
Adults age 18 to 49 without
disabilities in childless households 84 135 122 60 84 86
Countable income as a percentage of
poverty guidelines
No income 115 212 102 107 199 96
1 to 50 percent 102 99 98 88 84 75
51 to 100 percent 93 103 85 76 93 72

Source: Developed from eligibility estimates from the MATH CPS-Eligibility model and TRIM3 combined with

participation estimates based on SNAP QC data (as processed by Mathematica).

Subgroups defined based on "Trends in Supplemental Nutrition Assistance Program Participation rates: Fiscal Year

2010 to Fiscal Year 2016"
IL: lllinois; MS: Mississippi; TN: Tennessee

Light shading reflects cells with 50 or fewer observations. Tennessee did not have BBCE in 2016.
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Chapter 2 Summary and Recommendations

The comparisons provided here helped inform thkeelil data analyses to 8escribed in Chapters
3 and 4 and also have implications for future research.

Implications for Linked Data Analysis

Based on the findings presented here, we condhalesingle adult cases with children are an
important subgroup to investigatsing the linked data. Single w@tlcases with children have
estimated participation ratebave 100 for all models and datears, except for MATH SIPP+
(which had a participation t@of 99 percent in 2011).

The results for the three stategygest that they are all appropeiatates to include in the linked
administrative and CPS data analysis.

¢ lllinois is a good candidate becauits participation rate issues seem even more pronounced
than at the national level.

e Tennessee is a good state to include fdicpoeasons—because it does not have BBCE,
its participation rate estimates are noeaféd by the assumptions needed to “back out”
participants who would haveiked the federal assets test.

e Participation for some subgroups of m#st nationally are below 100 percent in
Mississippi. Nevertheless, Mississippi, likeetlother states, has participation rates far
above 100 percent for single adult cases wiildi@m. Mississippi is also of interest for
policy reasons, as it is the only one of the three states that had ABAWD time limits in place
for the full state for the entire year. Missgsi had BBCE in 2016, but unlike lllinois, the
BBCE rules were only used to waive the asset test.

Implications for Future Researclon Microsimulation Modeling Methodology

The findings presented here can also inform future work beyond what could be accomplished in
this study.

Examining high participation ratesin MATH CPS

Certain population subgroups have unexpectéuiyn participation res in the MATH CPS
estimates but not in TRIM3 and MATH SIPPHhese subgroups may benefit from analyzing
differences in modeling approaches. For example:

e Differences in methods to divide survey heloslds into potentiabNAP units could be
contributing to fewer eligible cases (andmer participation rates) in MATH CPS for
adults age 18 to 49 withoutsdibilities in childless households and for one-person cases. It
is worth noting that the 2011 MATH CPS peipation rate forone-person cases (90
percent) is well above th2011 MATH SIPP estimate (7Bercent) which is itself
substantially above the TRIM3 estimate (58 percent).
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e Differences across models in participation sdter adults age 18 to 49 without disabilities
in childless households could be affectgdmethods to simulate ABAWD time limits.
However, this is probably not the main facbehind the difference¥he gap between the
MATH CPS and TRIM3 particigéon rates is only slightly fger in 2016 (when over half
of states had ABAWD time limits) than #2011 (when almost all states had waivers).

e The 2016 MATH CPS participation rate for chodly cases (135 percent) is much higher
than the 2016 TRIM3 rate (85 percent). 041 MATH CPS estimat@ 36) is also much
higher than the 2011 TRIM3 estimate (68 pait}, as well as the 2011 MATH SIPP
estimate (83 percent). More detailed analysethe modeling appexches affecting this
group might provide insight.

Correcting for SS Underreporting

It is not surprising t@ee high SNAP participatiarates (above 90 percefu) cases receiving SSI.
SSi recipients have low income and states areylilceencourage or faciéite their application to
SNAP; joint processing allows states to doasmwomatically. SSI is underreported in the CPS
ASEC (Meyer, Mok, & Sullivan, 2009) and bahATH CPS and TRIM3 correct for this known
underreporting. The MATH CPS modw®s a 102 percent participaticate for cases with SSI in
2016, compared with 94 percentTRIM3. It might be helpfuto compare how the TRIM3 and
MATH CPS methodologies correct for underreporm@Sl, to see if chyes to the MATH CPS
methodology might reduce estimated jggpation rates below 100 percent.

Exploring Differencesin MATH CPS and TRIM3 Estimates

Although we have pointed to instances wherdM®Rparticipation rates are below 100 percent
while MATH CPS estimates are above 100 perdéig,does not mean that the TRIM3 modeling
approach is necessarily “better.” For examplejight be the case that an underlying issue in the
survey data explains the high MATH CPS pépadion rate estimate for a subgroup; perhaps the
same result does not appear in TRIM3 because the model is not capturing a particular rule at the
same level of detail as the MATH CPS, ahdg overstates eligibilitior the subgroup. Further
investigation would be needed to shed addaidight on these issues. Such research could
improve estimates produced by both models.
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3. Representation of SNAP Casesin the CPSASEC

In this chapter, we analyze linked CPS and SNalministrative case record data for lllinois,
Mississippi, and Tenness to explore whether SNAP caseserall or for key subgroups are

underrepresented in the CPS. If SNAP cases arenapdesented, this could contribute to the high
participation rate estimates for centaubgroups described in Chapter 2.

We first examine CPS response rates of sampbedeholds with and without a SNAP case. We
find that the three states difi@arwhether households with a SNAP case are more likely, less likely,
or about equally likely to respond to the CPS syras are those withoatSNAP case, given that
the household has been fourtigile for an interview

We next examine differences in interview rabgstype of SNAP case. Combining data for the
three states, we find that housing units with a-adult plus child case atess likely to have a

CPS interview than are housing units with a mudtiptiult plus child case. We also observe lower
interview rates for SNAP cases with income up to 50 percent of the poverty guideline than for
those with income above 50 percent of poverty.

Finally, we compare the weighted number of SNZ&Res in the linked®S ASEC data with the

actual number of SNAP cases in the administrative data. We find that multiple-adult plus child
cases are overrepresented in the linked data for each year between 2012 and 2016, whereas child-
only cases and one-adult plus child cases arertgptesented. In additip one-person cases with

a member between 18 and 59 are substantiallyreemtesented in the linked data. Our estimates

do not adjust for match error, so further emsh is needed to confirm the findings for
underrepresented groups. We provide implicatiorissauggestions for future research at the end

of this chapter.

Interview Rate Analysis

We begin by investigating whether CPS response rates differ for households with and without a
SNAP case and whether interview rates varydifferent types of SNARases. We use SNAP
receipt as obtained from state SNAP administrative case records.

Some of our results include all sampled housintspymcluding those thatre found ineligible for

the CPS ASEC interview—for example, becatlmeehousing unit is found by the CPS interviewer

to be vacant or demolished. We also present response rates for the sampled households that are
found eligible for the interview.

We use the term “housing unit” to refer to thr@ader concept that inades both ineligible and
eligible units, and “household” veim referring to the housing unftaund eligible forthe interview.
Similarly, we use the term “inteiew rate” when describing adbmpled units, and “response rate”
when describing responses to the interview agrfurusing units found eligible for an interview.
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Data for Interview Rate Analysis

We analyze interview rates using a dataset that links SNAP cases in the standardized lllinois,
Mississippi, and Tennessee adrsirative SNAP data prepardy Mathematica with housing

units in the 2016 basic March CPS sample. BINAP data include all SNAP cases in the
standardized administrative data for the thragestin March 2016. By kting the same month

for the CPS and administrative data, we hopectoeve the greatest pdssi consistency between

the two data sources. However, if a SNAP pgodict has moved and not notified the SNAP agency
about the change of address, it is possible H&atSNAP participant no longer resides at that
address.

Our interview rate estimates are based on theM&PS sample, rather than the full CPS ASEC.
The CPS ASEC is a supplement to the ba$#&-CS-a monthly survey sponsored by the Census
Bureau and the Bureau of Labor Statistics toembltlata for unemploymestatistics. Households
selected for the CPS are interviewed in four eocnive months, are then out of the survey for
eight months, and are then interviewed for hapfour consecutive months. The ASEC interview
is administered to all households in thesibaMarch CPS sample yd additional households
identified in other months that meet designatéa for Hispanic ethigity, race, and presence
of children. These additional housett®receive the ASEC interview February, April, and (for
one group of Hispanic households) in March, tayganding the size of the CPS ASEC sample
(U.S. Census Bureau, 2019).

We exclude the groups interviewed in Februamg April and the additional Hispanic households
interviewed in March to avoidverstating the response rate. Tehadditional groups have already
shown a willingness to be interviewed. Otherwtbe, Census Bureau would not know their race,
ethnicity, and whether children are presentluding these householdsjtiout also including
corresponding non-interview households frone tame months, would likely overstate the
response rate estimates.
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We use the Master Address File Identifier (MAFID link the SNAP administrative data and CPS
data. The MAFID is a unique housing unit identifassigned by the Census Bureau to both the
SNAP administrative data and CPS data to facilitate address-level matches without revealing
personally identifying information. Wiese MAFID for this part of # analysis because it allows

us to match the SNAP administrative data with all sampled housitg) including those that are
found ineligible for thenterview or are unable to be im@ewed. MAFID is available for 88

percent of the SNAP administrative case reddrdsd 100 percent of CPS housing units in the
March 2016 dat&?

Data Linkage Identifiers

The Census Bureau provides housing identifiers and person-level identifiers for use in linking survey
data with administrative data files. The identifiers are unique and enable matches between different

data sources without revealing personally identifying information. We use the following variables to link
data files for this analysis.

Master Address File Identifier (MAFID)

e Unique housing unit identifier for address-level matches

e Allows address-level matches even when no information is collected about the people at the
address

e Used for the interview rate analysis

Protected Identification Key (PIK)

e Unigue person-level identifier

e Allows information about an individual in the administrative data to be attached to the same
individual in the survey data

e Used for the Subgroup Representation Analysis

e Used for the TRIM3 Simulated Eligibility Analysis in Chapter 4

The interview rate estimates use the CPS base wéilfst housing units within a state have the
same probability of selection and the same besight, and the CensuBureau advises using
unweighted data or the base glgito analyze interview raté$Additional adjustments are applied
to the base weight to produce the fisatvey weights (U.S. Census Bureau, 2019).

13 SNAP administrative data for March 2016 include a MAFID for 86 percent of cases in lllingief&mt in
Mississippi, and 92 in Tennessee.

4 We focus on 2016 for this analysis because MAFIDs are missing for all or some nomivdertiouseholds in
earlier year internal Census Bureau CPS data files avaitabkat the time of our analysis, and because we did not
have access to standardized SNAP administrative data for lllinois for 2017.

5 We use the GESBWGT weight variable available orriraieCensus Bureau fileGESBWGT includes housing
units that were added to the basic CPS beginning in 2001 to meet the requirentteatStafe Children’s Health
Insurance Program (SCHIP, now CHIP) legislation. The CHIP expansion increasdd sampn many states to
better support estimates of low-income children withoealtth insurance. The CensBsireau also maintains a
GEBWGT basic weight in internal files that excludes expanded CHIP sample (personal communication, Greg

Weyland, Census Bureau). Our analysis pertains to all housing units in the basic March sample, and so we use
GESBWGT when analyzing interview rates.

16 See discussion in Chapter 4-1 Nonsampling Error, U.S. Census Bureau (2019).
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Interview Status

We present results for housing units with anthout a MAFID-linked SNAP case by interview
status, including interview orype A, B, or C non-interview. ‘fipe A” non-interviews refer to
households that are eligible for amerview but could nibbe contacted or re$ed to participate.
“Type B” housing units are temporarily ineligiblerfan interview, such as those that are vacant
or temporarily occupied by people with anotpermanent address. “Type C” housing units are
permanently ineligible fointerview, such as housing unitaitihave been demolished. The Census
Bureau drops housing units iderdii as Type C from subsequéamnerview months but continues
to contact Type A and Type B housing unitséach month that they remain in sample.

Whole Imputation

We disaggregate interviewed households into those with an ASEC interview and “whole imputes.”
A whole impute refers to a household that cegjed to the basic CPS interview but did not
complete the ASEC portion of the interview. When this occurs, the Census Bureau keeps the
information from the basic CPS interview but filisthe ASEC variables ith values from similar
surveyed respondents.

Whole impute households are likely to have accurate information for basic demographic
information like age, relationship, race, and ethnicity (which are available in the basic CPS).
However, microsimulation model estimates rely detailed income vables and other data
provided by the ASEC portion of the interview. Maputation method carsaign values perfectly

to each respondent, and so it is likely tha& @ensus Bureau’s procedures assign some SNAP
households to have income antiast characteristics that are incmtsnt with SNAP eligibility.

We identify a household as a whole impute ieaist one household member is a whole impute—
as any one member’s income could be enoughise the household’seome above the SNAP
eligibility limit.

CPS Interview Status for Households with and without SNAP

Table 3.1 shows the interview status of March 2016 CPS housing units in the combined data for
lllinois, Mississippi, and Tenness&eA housing unit is counted as having a SNAP case if the
unit's MAFID matches the MAFID of at least o&NAP case in the state administrative dta.

The combined weighted resulise affected by the relative popudat sizes of the three states.
lllinois represents 56 percent of the weightethl of March sampled housing units, Tennessee
represents 30 percent, and Mississippresents 14 peent (not shown)?

17 Results by state are proeidin Appendix Table B.1.

8 We use “housing unit” instead of “household” to describe interview rates involving Byand Type C housing
units. “Household” refers to the group of people living in a housing unit and some Type B and all Type C units are
uninhabited.

9 Among sampled housing units with a matched SNAP case, 49 percent of the weighted total reflects Illinois, 38
percent reflects Tennessee, a3dpercent reflects Mississippi.
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Overall, 72 percent of housing units in the b&darch CPS sample for the three combined states
are interviewed; 12 perceare type A non-interviews (eligibfer interview, butot interviewed);

16 percent are type B non-interwig (temporarily ineligible, such as vacant or temporarily
occupied by members whoseuas residence is elsewhergnd 1 percent are type C non-
interviews (permanently ineligible, such as demolished).

Table 3.1 Interview Status by Whether SNAP Case at Housing Unit Address, 2016

SNAP case at CPS address?

All CPS sampled

housing units Yes No
N 4,600 650 4,000
Weighted (thousands) 9,132 1,220 7,912
Interview status
Percentage distribution 100% 100% 100%
Interview 72% 79% 70%
Non-interview (Type A/B/C) 28% 21% 30%
Detailed interview status
Percentage distribution 100% 100% 100%
Interview 72% 79% 70%
Non-interview: Type A 12% 14% 11%
Type B: Usual residence elsewhere 4% 1% 4%
Type B: Vacant 11% 5% 12%
Type B: All other 1% 2%
Type C Housing units 1% 1%
Type B: All other and Type C housing units 1%

Sources: Decision Demographics & Urban Institute tabulations of linked 2016 CPS ASEC and SNAP
administrative data for lllinois, Mississippi, and Tennessee

Universe: Housing units in the basic March CPS sample (excluding Hispanic oversample)
1Bottom row combines cells to avoid disclosure. Addresses are matched by MAFID to preserve confidentiality.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-028 (Ns are rounded to meet disclosure
avoidance requirements).

Interview rates are higher for hang units with a SNAP case, but this primarily reflects lower
rates of Type B and Type C non-interviews ambagsing units with SNAP participants. Type B
and C housing units comprise 7 percent of haysinits with a SNAP case and 19 percent of
housing units without a SNAP case. The SNAP adstrative data should reflect the current
address of a SNAP case, unless the membersrhaved and not informed the SNAP agency of
the change in address. Therefore, we wouldeet that housing unitsithh SNAP participants
would be less likely to be identified as Type B or Type C than other sampled CPS housing units.

Table 3.2 excludes Type B and C non-interviamsl disaggregates tirgerviewed households
into those that responded tioe ASEC portion of the interwie and those where at least one
household member is a whole impute, for whalinPASEC variables are obtained from another
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household’s response. We also refer to wholeui@ households as houséts that responded to
the Basic CPS but not the ASEC supplement.

We find that when the three states are conthitiee rates of interview, whole imputation, and

Type A non-interview are very similar for hobe¢ds with and without a SNAP case. About 70

percent of households have ASEC interviewsp&&ent are wholly imputed, and 14 percent are
Type A non-interviews.

Table 3.2 Interview Status and Whole Imputation by Whether SNAP Case at
Household Address, 2016

SNAP case at CPS address?

CPS Sampled
households Yes No

ILLINOIS, MISSISSIPPI, & TENNESSEE

N 3,800 600 3,200
Weighted (thousands) 7,613 1,141 6,472
Interview status

Percentage distribution 100% 100% 100%
Interview, not whole impute 70% 69% 70%
Basic CPS interview, whole

impute to ASEC 16% 15% 17%
Non-Interview: Type A 14% 15% 14%

ILLINOIS

N 1,600 200 1,400
Weighted (thousands) 4,334 562 3,771
Interview status

Percentage distribution 100% 100% 100%
Interview, not whole impute 71% 69% 71%
Basic CPS interview, whole

impute to ASEC 17% 18% 16%
Non-Interview: Type A 13% 13% 12%

MISSISSIPPI

N 1,100 150 900
Weighted (thousands) 984 146 838
Interview status

Percentage distribution 100% 100% 100%
Interview, not whole impute 75% 84% 73%
Basic CPS interview, whole

impute to ASEC 10% 6% 11%
Non-Interview: Type A 15% 10% 16%

(Table continues)
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Table 3.2 (continued)

SNAP case at CPS address?

CPS Sampled
households Yes No
TENNESSEE

N 1,100 200 900
Weighted (thousands) 2,295 433 1,863
Interview status

Percentage distribution 100% 100% 100%
Interview, not whole impute 65% 65% 65%
Basic CPS interview, whole

impute to ASEC 19% 15% 19%
Non-Interview: Type A 17% 20% 16%

Sources: Decision Demographics & Urban Institute tabulations of linked 2016 CPS ASEC and
SNAP administrative data for lllinois, Mississippi, and Tennessee

Universe: Households in the basic March CPS sample (excluding Hispanic oversample).
Excludes Type B and Type C non-interview housing units.

1Addresses are matched by MAFID to preserve confidentiality.

DRB Delegated Authority Approval Numbers CBDRB-FY21-CES014-028 and
CBDRB-FY21-CES014-029 (Ns are rounded to meet disclosure avoidance requirements).

This overall finding masks differences by statéhwllinois having the greatest representation in
the combined results dt@its larger populatiof Households with a SNAP recipient have similar
Type A nonresponse rates to housdh without a SNAP recipi¢in Illinois, lower nonresponse
rates in Mississippi, and higher nonresponsesrate Tennessee. In lllinois, 13 percent of
households with a SNAP recipteand 12 percent of non-SNAP hehslds eligible for the CPS
interview are Type A non-interview, comparedhnl0 percent and 16 pmmnt in Mississippi and
20 and 16 percent in Tennessee, respectivelys&¥esimilar patterns of Type A nonresponse for
Mississippi and Tennessee in 2017 (Appendable B.2), though the difference between
households with a SNAP recipteaind non-SNAP households issewhat largefor Mississippi
and smaller for Tennessee than in 281Given these differing results by state, the implications
for national estimates are unclear andifer investigation may be warranted.

20 Approximately 57 percent of the weighted total for March sample households excluding Ty« Bseior
lllinois, 30 percent is for Tennessee, and 13 percent is for Mississippi based on the weightsitiotetala Table
3.2.

212017 administrative SNAP case record data for lllinois were not available for inclusion in the study.

27



Factors Contributing to High Estimated SNAP Participation Rates

CPS Interview Status by SNAP Case Type

We next examine CPS interview status by SNABe type, focusing on four key subgroups with
sufficient sample size tsupport the analysis:

1) cases with at least one persge 60 or older ithout children;
2) cases with one adulbd one or more children;

3) cases with multiple adults and one or more children; and

4) one-person cases with an kdetween the ages of 18 and%9.

Two other subgroups are included in the totdlrmt shown separately. They include child-only
cases (in which only the children in the family qualify for SNAP) and cases with multiple adults
and no member younger than 18 or older thanCise characteristics are defined using the
information recorded in thENAP administrative data.

Whereas Tables 3.1 and 3.2 focused on housingamitfiouseholds, Table 3.3 focuses on SNAP
cases. A CPS household with multiple familieswlividuals may have more than one SNAP case.
For example, a household containing a famiig an unrelated individual might have two SNAP
cases—one for the family and one for the uneelahdividual. Eacttase would be counted
separately in Table 3.3 and tabulated accordirtbaanterview status of the CPS housing unit.

Although response rates are oftetireated for households found ebig for the interview, we
show the interview status for all SNAP casdth a MAFID that matches a sampled housing unit
(including the housing units found ineligible fdine interview). If addresses in the SNAP
administrative data are up to date, we would exf@etSNAP cases to be present in type B and
type C non-interviewed housing units. Overall, we fimak 8 percent of the cases are in type B or
C units (Table 3.3). Future research could dranwhether such cases appear in the SNAP
administrative data at a differeatldress in a subsequent nio(guggesting delayed reporting of
a change of address to the agency), reflect imate@PS classification of the address as type B
or type C, or reflect errs in assignment of MAFID.

22 We define “child” as anyone under age 18. Examplesasés with multiple adults and children include married
parent families, cohabiting couples with children, a panétfit a child under 18 and another child aged 18 or above,
and cases involving extended families;isas grandparents and adult siblings.
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Table 3.3 Interview Status by SNAP Case Type, 2016

SNAP case type

At least one
member 60+, One adult Multiple One person
without with adults with case, age 18
Total? children child(ren) child(ren) to 59

N 750 150 200 100 200
Weighted (thousands) 1,426 266 392 219 428
Interview status
Percentage distribution 100% 100% 100% 100% 100%
Interview, not whole impute 64% 66% 64% 2% 63%
Basic CPS interview, whole impute to ASEC 14% 17% 9% 18% 9%
Non-interview: Type A 14% 12% 19% 13%
Non-interview: Type BC 8% 5% 8% 15%
Non-interview: Type ABC 10%

Sources: Decision Demographics & Urban Institute tabulations of linked 2016 CPS ASEC and SNAP administrative data
for lllinois, Mississippi, and Tennessee

Universe: Housing units in the basic March CPS sample (excluding Hispanic oversample) that match the address of a
SNAP case. Addresses are matched by MAFID to preserve confidentiality.

1Bottom row combines cells to avoid disclosure.

2The total includes child-only cases and cases with multiple adults without members younger than 18 or 60 or above, not
shown separately.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-028 (Ns are rounded to meet disclosure
avoidance requirements).

We find that a higher share of multiple-adult ptisld cases linked with the CPS are in housing
units with ASEC interviews (72 percent) thae @ne-adult plus child cases (64 percent), cases
with a person aged 60 or above without childi@® percent), and one-person cases aged 18 to 59
(63 percent). Multiple-adult plus child cases are mash likely to be in Type A, B, or C housing

units (not interviewed for the basic CPS). Ten percent of multiple-adult plus child cases are non-

interviews, compared with 27 percent of onelaglus child cases, 17 peent of cases with a
member aged 60 or above without children, ang&8ent of one-person cases between the ages
of 18 and 59.

We find similar patterns for 20.When looking at combined resufts Mississippi and Tennessee,
though the overall interview rate higher (Appendix Table B.3). Miple-adult pluschild cases
linked with the CPS are much more likely toibénousing units with ASEC interviews than are
one-adult plus child cases. Eighty-three percgémhultiple-adult plus child cases are in housing
units with ASEC interviews, compared with 6Fgant of one-adult plus dtl cases. Nine percent

of multiple-adult plus child cases are not interviewed for the basic CPS, compared with 19 percent

of one-adult plus child cases.
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CPS Interview Status by Presence of Earnings and Poverty Level

Table 3.4 examines interview rates of SNAP cdsegresence of earningsd poverty level, for
the combined three states in idla 2016. Earnings status and poyédelvel are obtained from the
administrative data and reflect the SNAP amyesm most recent information about the case’s
monthly income The poverty level reflectsettSNAP case’s countable gross income as a
percentage of the poverty guidelineeddor eligibility determination.

Table 3.4 Interview Status by Earnings Status and Poverty Level of SNAP Case, 2016

Case earnings and poverty status

Does not 50% of
have Has poverty or  Above 50%
Total earnings earnings below of poverty

N 750 500 200 300 400
Weighted (thousands) 1,426 1,020 405 613 812
Interview status
Percentage distribution 100% 100% 100% 100% 100%
Interview, not whole impute 64% 66% 61% 60% 68%
Basic CPS interview, whole impute to ASEC 14% 13% 16% 15% 13%
Non-Interview: Type A 14% 14% 13% 16% 12%
Non-Interview: Type BC 8% 7% 10% 9% 7%
Cases with at least one adult and one child and no member aged 60 or above
N 300 150 150 150 150
Weighted (thousands) 610 325 286 317 293
Interview status
Percentage distribution 100% 100% 100% 100% 100%
Interview, not whole impute 67% 67% 66% 64% 70%
Basic CPS interview, whole impute to ASEC 13% 10% 16% 15% 10%
Non-Interview: Type A 15% 16% 14% 14% 16%
Non-Interview: Type BC 6% 7% 4% 7% 4%
One person case, age 18 to 591
N 200 200 100 100
Weighted (thousands) 428 351 223 205
Interview status
Percentage distribution 100% 100% 100% 100%
Interview, not whole impute 63% 66% 56% 2%
Basic CPS interview, whole impute to ASEC 9% 9% 12% 6%
Non-Interview: Type A 13% 13% 18% 8%
Non-Interview: Type BC 15% 12% 14% 15%

Sources: Decision Demographics & Urban Institute tabulations of linked 2016 CPS ASEC and SNAP administrative data
for lllinois, Mississippi, and Tennessee

Universe: Housing units in the basic March CPS sample (excluding Hispanic oversample) that match the address of a
SNAP case. Addresses are matched by MAFID to preserve confidentiality.
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1Data for “One person case, age 18 to 59 with earnings” have been withheld due to small sample size and to avoid
disclosure for some cells.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-028 (Ns are rounded to meet disclosure avoidance
requirements).

Overall, cases with earnings are about 5 pergenpaints less likely to va an ASEC interview
than are those that do not have earnings. agh income above 5percent of the poverty
guideline are about 8 percentage points ntikedy to have an ASEC interview.

It may seem counterintuitive thiaterview rates would be lower for cases with earnings yet higher
for cases above 50 percent of poverty, as we neighéct that a case widarnings would also be
more likely to have income above 50 peradroverty. Household composition likely contributes
to this effect. Cases with older members are I&s$ylito have earned income than other types of
SNAP cases and are more likely to have income above 50 percent of gdVerprovide further
insight, we show results sepatgtior cases with at least oaglult and one child and no member
aged 60 or above, and for one-person cases between the ages of 18 and 59.

Focusing first on cases with at least one acdt@ne child and no member aged 60 or older, we
see little difference in ASEC interview rates frases with and withowarnings. Cases without
earnings are somewhat more likétybe Type A, B, or C non-intgiew (23 percent relative to 18
percent). ASEC interview rates are higher f@esawith income abov&) percent of the poverty
guideline than for the poorest cases (70 percelative to 64 percentand rates of whole
imputation are lower (10 percerelative to 15 percent).

Relatively few one-person cases between the @ige8 and 59 have earned income, and we lack
sufficient sample size to show inteew rates separately for this grotfilhe ASEC interview rate

is substantially higher for oneepson cases with income abd@@percent of th poverty guideline
than for the poorest cases (72 tigkato 56 percent), the rate wihole imputation is lower (6
percent relative to 12 percentipcathe combined type A, B, a@non-interview rate is lower (23
percent relativéo 32 percent).

SNAP Subgroup Representation in the ASEC

In this section we expand our focus to the @RS ASEC for lllinois, Mississippi, and Tennessee.
We examine the representation of SNAP casdbeanfinal linked data to see if differences in
interview rates among SNAP subgrouesult in differences in the extent to which these subgroups
are represented in the final CPS ASEC data.

23 According to national estimates, 6.7 percent of SNAP cases with members aged 60 or morérysie2016,

compared with 55.3 perceot cases with children. Eighty-six perc&itSNAP cases with members aged 60 and
above had gross countable income above 50 percent of the poverty guideline, compd&sédbpithcent of cases

with children.See tables A.3 andl.6, USDA (2017).

24 Nationally, 38 percent of one-person cases (excluding people aged 60 and over) had a disability and another 16
percent had earned income in 2016. These estraatecalculated from Table 3.2 in USDA 2017.
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The interview rate analysis presented above tisesCensus Bureau’s base weights, before
adjustment for nonresponse. The Census Buadausts for householdbnresponse by increasing
the weights of interviewed households that arseample areas like thosé the non-interviewed
households. Nonresponse bias wémain if interviewed househds differ with respect to the
income and demographic characteristicaanf-interviewed households (Census Bureau, 2019).
Bias may also be introduceddlugh whole imputation, if houkelds that do niorespond to the
ASEC portion of the interview differ from thosénavrespond in ways that are not controlled for
by the imputation procedures.

In addition to adjusting for household nonresponse, the Census Bureau adjusts the basic CPS
weights to reach population targatghe state level and by racéhrgtity, sex, and age. The ASEC
weighting procedure includes various adjustments beyond those required for the basic CPS. These
include adjustments needed to incorporate atiditional samples from the ASEC interviews
conducted in February, April, and for the additibHispanic households in March; to account for
certain armed forces members who are excldided the basic CPS but included in the ASEC;

and to equalize weights of husbarasl wives (Census Bureau, 2019).

Although weights are adjusted for race, ethnicityk, s&d age, they are not adjusted for family
composition—such as one-adult with child and multgodieilt with child family status. If one-adult
with child families are less likely to respond te thasic CPS than multiple-adult families, then it
is possible that they will be underrepeated in the basic CPS and CPS ASEC.

Data for SNAP Subgroup Representation Analysis

For this analysis, we use data sketis 2012 through 2016 constructed by Mathematicghe
Mathematica data sets are constructed by linkiegCPS ASEC data with SNAP administrative
data for lllinois, Mississippi, and Tennessee Biptected Identification Key (PIK). PIKs are
unique identifiers created by th@ensus Bureau to facilitate matches between survey and
administrative data without rewling personally identifying infanation. The match is performed

at the person level. SNAP admstrative data for the linked panipant and information about his

or her case are appemd® the individual's record in é@CPS ASEC. People in the CPS ASEC
are matched with the SNAP administrativéadaonth corresponding their interview month—
February, March, or April.

Starting from the linked datasets prepared by Eadtica, we tabulate cases where at least one
case member in the SNAP administrative deta a PIK match with a person in the CPS ASEC.

We weight each SNAP case using the ASEC supplement weight of the case head. If the case head
is not matched with a person in the CPS ASECusesthe weight of the dést case member who

25 Armed forces members are excluded from the basic CP&dincluded in the ASEC if they live off post or on
post with family members and have at least one civilian adult in the household.

26 More recent years of CPS ASEC dalso equalize weights for cohabiting parséut that does not affect the data
years presented here.

27 Czajka & Cunnyngham (2021).
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has a PIK match with a person in the CPS ASE@/e classify cases according to their
composition in the administrative data.

Although nearly all administrative data recordséda PIK, PIKs are missing for between 14 and
16 percent of people in the 2012 to 2016 CPS A8&@ for lllinois, between 6 and 8 percent in
Mississippi, and between 9 ad& percent in Tennessee (CzajR@21). Our estimates do not
adjust for missing PIKs and so our weightedirts of SNAP cases should be somewhat below
those in the SNAP administrative dataThe SNAP administrative thacontain some types of
cases (such as for homeless individuals) trebatside the scope ofgtlCPS ASEC. This should
also lower our weighted results somaulrelative to the administrative data.

As expected, the overall weighted number of SNAP cases in the linked data is lower than the actual
number of cases in the administrative data. Thghted linked data represt 74 percent of SNAP
administrative data cases in 2016 (Figure 3.1Amukndix Table B.4). A somewhat higher share
(between 81 and 83 percent) is represeimele 2013 to 2015 linked data. The 2012 linked data
capture 86 percent of the SNAP administrative daitzl. Some of the reduction in represented
cases between 2012 and 2016 is likely attributaldettining CPS ASEC Rirates in Mississippi

and Tennessee over these years. PIK rates fluctugiteid a 2-percentageoint range in lllinois

during this time period.

Figure 3.1 Share of SNAP Cases Represented in the Linked Data, by Year
2012 86%
2013 82%
2014 81%

2015 83%

2016 74%

0% 20% 40% 60% 80% 100%

Sources: Decision Demographics & Urban Institute tabulations of 2012—-2016 linked CPS ASEC
and SNAP administrative data for lllinois, Mississippi, and Tennessee.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-028

28 The Mississippi and Tennessee state SNAP administrattaeicdkntify the head of the case. If the case head is
linked to the CPS ASEC, we use the weight of the case head to weight the results. If the case head is not linked to the
CPS ASEC, we use the weight of the oldest linked case member. We use the weight of the oldest linked member for
all cases in lllinois because case head is not identified in the SNAP administrative data.

2% This may affect some subgroups more than others, as a Census Bureau study using the 2009 A@S found

young children, minorities, immigrants, recent movens;ilacome individuals, and non-employed individuals are

less likely to receive a PIK. However, changes to thed{gnment process in 2010 did significantly address the

PIK deficit among young children (Bond et al., 2014).

33



Factors Contributing to High Estimated SNAP Participation Rates

We next examine the representation of SNAP casschildren in tle linked CPS ASEC data.

We show results for the one-adult plus child and multiple-adult plus child subgroups included in
our interview rate analysis, and also examinkilteonly” cases. Child-only cases are cases in
which only the children in the SNAP case aligilele for benefits. For example, under SNAP
rules, a citizen child can be eligible for SNAP efahe child’s parents arineligible due to their
immigrant status. All or a portion of the parentstome would be deemed to the child when
determining eligibility, but they would not k@ken into consideration when determining the
household’s size for eligibilityand benefit calculation. Child-onicases represent a relatively
small share of all cases. They are excluded fotimer tables due to sample size limitations, but
are included in the totals.

We find that the linked data represent betw@émand 79 percent of child-only cases, between 82
and 94 percent of one-adult plus child cased,k@iween 105 and 121 percent of multiple-adult
plus child cases (Figure 3.2). Miple-adult plus child cases amgost overrepresented and child-
only and one-adult plus child cases are most underrepresented in the 2016 data.

Figure 3.2 Share of SNAP Cases with Children Represented in the Linked Data, by Year

2012 Child only 71%
2013 Child only 79%
2014 Child only 69%

2015 Child only

~

7%

2016 Child only 64%

2012 One adult 94%

2013 One adult 85%

2014 One adult 94%

2015 One adult 91%

2016 One adult 82%
2012 Multiple adults 110%
2013 Multiple adults 111%
2014 Multiple adults 105%

2015 Multiple adults 109%

2016 Multiple adults 121%

:
S

20% 40% 60% 80% 100% 120% 140%
Sources: Decision Demographics & Urban Institute tabulations of 2012—-2016 linked CPS ASEC and SNAP

administrative data for lllinois, Mississippi, and Tennessee.
DRB Delegated Authority Approval Number CBDRB-FY21-CES014-028
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Finally, we examine cases without children oogle over 59. In additioto showing results for
one-person cases, we provide results for cases with multiple adults and no members below 18 or
above 59. This latter group was sbiown separately in ¢hinterview rate angsis due to sample

size limitations, though wasdfuded in the totals.

One-person cases are the lgapresented group among the subgraexsmined in all years but
2012, when multiple-adult cases had the leasesgmtation (Appendix Table B.4). The linked
data represent between 49 andpéécent of the SNAP administrative data cases for one-person
cases, with the lowest share2@16 and the highest share in 2012 (Figure 318.data represent
between 66 percent and 89 peraantases with multiple adults.

Figure 3.3 Share of SNAP Cases with Adults between 18 and 59 Represented in the Linked Data, by Year

2012 One adult 76%
2013 One adult 68%
2014 One adult 64%
2015 One adult 68%
2016 One adult 49%
2012 Multiple adults
2013 Multiple adults 89%
2014 Multiple adults 70%
2015 Multiple adults 81%

2016 Multiple adults 86%

o
2
>

0% 10% 20% 30%  40% 50% 60% 70%  80% 90%  100%

Sources: Decision Demographics & Urban Institute tabulations of 2012—2016 linked CPS ASEC and SNAP
administrative data for lllinois, Mississippi, and Tennessee.

Note: This figure reflects cases consisting of at least one adult aged 18 to 59 and no younger or older members.
DRB Delegated Authority Approval Number CBDRB-FY21-CES014-028
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These findings suggest that a adniting factor to the high estimted participation rates for one-
adult plus child cases and possibly child-onlgesamay be their underrepresentation in the CPS
ASEC. Although we have not adjusted for migsiPIKs, multiple-adult plus child cases are
consistently overrepresented in the linked data for the combined states of lllinois, Mississippi, and
Tennessee across five years of CPS ASEC dataue the CPS ASEC is weighted to control
totals by age, this consistent overrepresentaifomultiple-adult plus did cases suggests that
other types of cases withidren may be underrepresentéd.

The underrepresentation of one-person cases agecdb98s also noteworthy, particularly the low

level of representation in 2016 (49 percent). Timding differs from the interview rate analysis,

in which the interview rate for one-person cases aged 18 to 59 is close to the overall interview rate
for SNAP cases. Missing PIKs &k contribute to the lower ratédbserved here. Cases with more

than one member may be more likely to be reptesan the linked datadzause there is a greater
chance that at least one member will matcHPly. One-person adult cases may also be more
likely to be homeless and outside the scop¢hef CPS ASEC. Another possibility is that the
incorporation of other samples into the final ASEC increases the representation of SNAP cases
with children more so than f@ne-person cases aged 18 to 59.

Chapter 3 Summary and Recommendations

Our goal in investigating SNAP case interview rates and representation in the CPS ASEC is to see
if there is evidence to suggestat SNAP cases are underreprégsd in the survey data. If
households with SNAP recipients are less likelyespond to the CPS ASEC than households
without SNAP recipients, and if subsequentghéng steps do not account for these differences,
then the weighted SNAP eligibility estimates produced by microsimulation models may be too
low. SNAP participation rates are calculated byiding the number of padipants according to
administrative data by the number simulated ashddidy microsimulation models. If eligibility
estimates are too low, then estimated particypatates will be too high, particularly for some
subgroups.

The interview rate analysis links sampled rtta CPS housing units witBNAP cases in the
lllinois, Mississippi, and Tenmsee SNAP administrative dabg MAFID. The results reflect
findings for these three states 2012 to 2016. Sample sizes aredest for some of our subgroup
analyses, rounding to as few B30 unweighted cases. Further wevkh additional states and
years of data would be needed to confirm tHiesings and address thémnplications for national
estimates. Nevertheless, these results do pravimdknce suggesting that certain key subgroups
are underrepresented in the CPS ASEC.

30We refer to this as suggestive rather than conclusigause population controls are at the individual level whereas
we examine results at the case level.
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Summary of Findings

Results from this analysis show:

Differing results by state as to whether a sampled household with a SNAP case is more
likely or less likely to complete the CPS ASkE®erview than a sampled household without
a SNAP case

Lower CPS ASEC interview rates for sangpleousing units containing a one-adult plus
child case than for sampled housing units containing a multiple-adult plus child case

Substantially lower CPS ASEC interviewtea among one-member cases aged 18 to 59
with income up to 50 percent of the povertydgline relative to those with income above
50 percent of the poverty guideline

Somewhat lower CPS ASEC interview ratesdoe-adult plus childases with income up
to 50 percent of the poverty guideline relative to those above 50 percent of the poverty
guideline

The representation analysis links the CPS ASEG SNAP cases from the state administrative
data by PIK and compares the resulting weighmehber of SNAP cases with the total number
from the administrative da. The analysis finds:

Generally declining represetitan of SNAP cases in the CPS ASEC data from 2012 to
2016

Overrepresentation of multiple-adult plus child cases in each year examined and
underrepresentation of other cases with children

Declining representation of one-member cases aged 18 to 59, with just 49 percent
represented in 2016

Implications for Participation Rate Estimates

The three states differ in whether response eates1g households with SNAP are higher or lower
than among households without SNAP. Thus, difScult to draw conclgions at the national
level as to whether SNAP cases are overreptegden underrepresented. \Wetheless, we do find
evidence of underrepresentation of some subgrolg$veeto others, poteiatly contributing to
the high participation rate estitea for the underrepresented groups.

Initial findings from another ongoing study supporany of the findings we present here. The
study examines the representation of SNAP cageall and for different subgroups using SNAP
administrative case records for 21 states and 1& ybat have been linked with the CPS ASEC
and ACS (Meyer and Wu 2021). The estimaadgist for missing Plkand find a 95 percent
coverage rate for SNAP individuals in the CRSEC, with variations bgubgroup as noted below.
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One-Adult Plus Child Cases

The lower interview rates for one-adult plus child cases relative to multiple-adult plus child cases,
combined with the overrepresentation of multiptedaplus child cases across five years of CPS
ASEC data suggest that one-adult plus chileesase underrepresented and multiple-adult plus
child cases are overrepresented in the CPS ABEGhese states and data years. The CPS is
weighted to population totals for age, sex, race ethnicity—but not for family composition, so
lower interview rates for one-adult plus child casan lead to lower repgentation of these cases

in the final CPS ASEC data. Mer and Wu (2021) also find evidence of overrepresentation of
married parent cases in the CPS and wmegeesentation of single parent ca¥es.
Underrepresentation of one-adult plus child casayg therefore contribut® unrealistically high
participation rate estimates for this subgroup.

SNAP Cases Below 50 Percent of Poverty

SNAP cases with income b&db0 percent of the poverty guide are another subgroup with
unrealistically high participation rate estimatesid@ter 2). The relatively lower CPS interview

rates observed for this group among one-member cases aged 18 to 59 and among cases with
children and adults aged 18 to 59 may suggedttbiey are underrepresed in the CPS ASEC,
contributing to the higher than expected participation rates.

One-Member Cases Aged 18 to 59

One-member cases have hightiggvation rates according toetMATH CPS+ model, though not

for other microsimulation models (Chapter @Je do not look at all @rmember cases but do
examine those with members adedlto 59. We find tht, although interview tas for this group

do not differ much from interview rates of SNARses on average, their representation in the CPS
ASEC has been generally falling across the five years examined. Of particular concern, just 49
percent of one adult cases aged 18 to 59 are represented in the data for these three states in 2016.
Further investigation codlconfirm whether this pattern is @vged in other states and years,
determine whether these patterns persist when adjusting for missing PIKs, and consider the extent
to which some of the people in the administrata¢a (such as homelesslividuals) are outside

the scope of the CPS ASEC. Initial findingsnraiMeyer and Wu (2021) find that one-person
SNAP cases are underrepresented in the CPS ASEQ@reater extetihan are other grougs.

Eligible Nonparticipants

It is possible that the underrepresentation gfkgbgroups of SNAP cases observed in the linked
administrative and survey data also occurs fonilias and individuals in these subgroups who are
eligible for SNAP but do not participate. Weearot able to investigate this question using the
methods and data available for this study. ifible nonparticipants aralso underrepresented,

31 Meyer and Wu estimate a CPS coverage rate of 92 percent for single parent SNAP cases and 103 percent for
married parent SNAP cases.

32 The single person estimates by Meyer and Wu are for all individuals, not just those aged 18 to 59, and show a
CPS coverage rate of 86 percent.
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then this would further biadigibility estimates dowward for these subgups and contribute to
higher than expecteghrticipation rates.

Future Research to Address Underrepresentation

If findings from this analysis are supported by sgagent research spanning a larger number of
states and including more recent data years oappes could be developed to reweight the CPS
ASEC data used as input to the microsimulatimuels to compensate for the underrepresentation
of affected groups.
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4. TRIM3 Simulated Eligibility of SNAP Casesin Linked Data

In this chapter, we investigate how differences in simulated and actual case membership,
imputation, and other factors contribute to SNAP chsésg simulated as iriglble or eligible by

the TRIM3 microsimulation model. We find ahdifferences in TRIM3 unit and SNAP case
membership are much more common among SNABscsimulated as ineligible for SNAP than
among those simulated as eligible. SNAP caseslaiatuas ineligible byfRIM3 are also much

more likely to be “whole imputes” in which the ASEGrtion of the survey is imputed, or to have
imputed income amounts. We examine otHactors that might complicate -eligibility
determination, including recent job loss, noncitig&tus, and mover statimt find that these are

much less common than differences in SNAR@sl TRIM3 unit membership and imputation.

We then focus on a key subgroup—cases idedtiis one-adult plushild in the SNAP
administrative data—and find that only about hadf idientified as an eligible one-adult plus child
unit within TRIM3. Common reasons for discrep@scinclude the absence of the SNAP case’s
children from the ASEC household, the absendb®tase adult from¢hASEC household (with
children living instead with multipladults, such as grandparents and other relatives), and the
inclusion in the TRIM3 unit of apouse, partner, or other aduliége explore potential contributing
factors, including movement of children amdiults between households, and definitional
differences regarding how adults who are inelgittue to immigrant status for other reasons

are counted in the administratigtata and survey data. We provaleygestions for future research
regarding this question in the cduiding section of this chapter.

Datafor the Eligibility Analysis

The eligibility analysis uses linked CPS ASEC and SNAP administrative data for lllinois,
Mississippi, and Tennesspeepared by Mathematiéa People in the CPS ASEC are linked by
PIK with SNAP administrative data for the mbmorresponding to theirt@rview month, for each
year of CPS ASEC data from 2012 to 2016. Wgnaent the data by attaching simulated TRIM3
SNAP unit identifiers and eligibility flags to ¢hlinked data sets. The TRIM3 eligibility flags
indicate the number of months a person was faligible in the prior calendar year according to
the TRIM3 simulation.

The data available to this study do not enaialysis of SNAP participation and simulated
eligibility in the same monthinstead, SNAP patrticipation ftects the CPS ASEC interview

month, and TRIM3 eligibility reflects eligibility iat least one month of the prior calendar yéar.
Some people who were participating in SNARFebruary, March, or April may be new entrants

33 These are the same data used for the SNAPrepegsentation analysis discussed in Chapter 3.

34 Mathematica linked SNAP participant information to the CPS ASEC based on the CPS ASEC interview month
(February, March, or April) in order to reduce the likelihood that a member of a SNAP case is no longer present
within the CPS ASEC household at the time of the CPS ASEC interview or that another person has joined the CPS
ASEC household since the case was established. The linked data do not include informatwhetheuthe

SNAP case was participating in SNAPtl®@ prior calendar year, and so we areaiide to control for that in this

analysis but could do so in future work.
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who were ineligible in the pr calendar year. However, based on the amount of time a case
typically remains on SNAP, we eggt that most cases participagiin SNAP in February, March,
or April would also have participated inlaist some months tfe prior calendar yedr.

We describe the TRIM3 SNAP simulation methadyl below and then dedige the steps taken
to incorporate the TRIM3 data into the linked data.

TRIM3 SNAP Simulation Methodology

TRIMS3 follows the steps a caseworker would perform when detergneligibility: identifying
whether people meet categoricdigibility requirements, performing assets tests, calculating
income and deductions, determining incomeilaligy, and calculatinghe benefit amount. The
model captures state variationgrogram rules, including BBCE rulé%.

The model operates on a monthly basis, simulatiiggodity and benefits in each month of the
calendar year covered by thensey. TRIM3 allocateshe annual income amounts reported in the
CPS ASEC across the months tbe year, factoring in rep@d weeks of employment and
unemployment, and allocating spesdfsunemployment across the yeéamatch real-world trends
in unemployment.

The TRIM3 eligibilityrules reflect the year of the annuateme data collecteid the CPS ASEC.
For example, the 2016 CPS ASEC collectsrimation about annual income for 20%¥5TRIM3
uses this information and the 2015 #itity rules toassign eligibility*®

SNAP eligibility estimates are ssitive to the methods useddonstruct SNAP units or “cases”
from the members of the CPS BS household. The TRIM3 “unit” peesents the group of people
within the CPS household simulated to applySOrAP together. This might include everyone in
the household, or a subset. For example, a hous&ithi a single parerdand her child and an
unrelated roommate might appg two SNAP units—one contang the single parent and child
and the other including the roommate.

Much of our analysis focuses on the extemtwhich TRIM3 unit membership matches the
membership of the SNAP case. When presenting shdtsewe use the term “unit” to describe the
simulated TRIM3 unit, “case” to describmembers of the case according to the SNAP

35 An analysis of SNAP participants in the 2008 Survey of Income and Program Participation finds that 92 percent
of people receiving SNAP in December 2008 received SNAP for moreitharonths and 86 percent received

SNAP for more than a year. The estimate includes gineady spent on SNAP agDecember 2008 plus

subsequent months on SNAP (Leftin et al., 2014).

36 TRIM3 documentation is available at trim3.urban.org. For additional background, see Zedlewski & Giannarell
(2015).

87 TRIM3 results are typically presented and described according to the calendar year repogstetathta. For
ease of presentation, we use the CPS ASEC data year ahdipiter and describe the results as showing eligibility in
the prior calendar year.

38 SNAP cost of living adjustments are released at the begjmieach federal fiscal year (October). When eligibility
rules and benefit amounts change during a calendar year, the TRIM3 SNAP simulation typically uses a weighted
calendar year average. For some state level rules, TRIM3haseslue that was in effeftdr the majority of the year.
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administrative data, and “household” to refetlte CPS ASEC househoM/e define “case type”
based on the characteristicscalse members in the SNAP adistrative data and TRIM3 “unit

type” based on the characteristics of the peoptaenTRIM3 unit (also see Definitions, page 5).

For example, if a case in the SNAP administratista consists of a mother and child, we would
describe this as a “one-adult plus child” case. If the mother and child are linked with the CPS
ASEC data and are part of a [IM8 unit with the mother’s colating partner, then the TRIM3

unit would be described as a “multiple-adult plus child” unit.

According to SNAP regulations, a SNAP case (orTRIM3 terms a unit) is comprised of all
people in a household whocustomarily purchase and prepare meals together for home
consumption.”3® Married couples are required to appdy SNAP together, and minor children
living at home are required to apply with thparents or guardianBecause the CPS does not
report information on food purchasing habits, IR must make assumptions regarding which
household members apply togethsra single SNAP unit. TRIM&plits households that receive
TANF and households in whictewer people are reported tocedve SNAP than are in the
household into as many units as possible subject to FNS reguf&tibR#M3 then uses logit
models to estimate whether two additional typesouseholds are split into multiple units: (1)
non-TANF households in which there are multiplegptial units and all members are reported to
receive SNAP; and (2) non-TANF householdattdo not report receiving SNAP and have
multiple potential unité!

Incorporating TRIM3 Variables into the Linked Data

TRIMS3 is continuously updated and improved. Toyide consistency in thyears examined, we
reran the SNAP eligibility simulations perfmed on the 2012 through 2015 CPS ASEC using the
methods used for the 2016 CPS ASEC and tlsedpdated estimates for this analysis.

The TRIM3 model “clones” households contaminoncitizens and also clones certain high-
income households, dividing the weight across the cloned households. Cloning of noncitizen
households supports the model'sadled assignment of immigrastatus; cloning of high-income
households supports the model's tax estimates. Foauliysis, we identifiethe version of each
cloned household with the most people simula@saligible for SNARand merged the TRIM3

unit and eligibility infornation from that household the linked data filé?

%7 CFR §273.1

40The CPS ASEC asks about SNAP receipt in the prior dateyear, including how many people in the household
received SNAP. TANF status is obtained from the TRIM@NF simulation, which cogcts for underreporting of
TANF in the CPS ASEC data.

4 The logit models were estimated using data from the 2008 SIPP panel.

42 We use the original CPS ASEC weight for our estimaadiser than the partial cled weight used for these
households in TRIM3.
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Results

In the analysis below, we classify SNAP cases that were receiving SNAP at the time of the CPS
ASEC survey according to the SNAP adminibia data by their simulated TRIM3 eligibility
status in the prior calendarare Some cases found ineligible by TRIM3 may have been truly
ineligible in the prior calendarear, and only just recently started SNAP due to a job loss or for
other reason®

We first present the overall TRIMSigibility estimates of SNAP cases in the linked data by year
and state. We then show the extent to which SNAP cases simulated as eligible and ineligible by
TRIM3 have matching administrative data casd TRIM3 unit membership, have whole ASEC
imputation or income imputation, or have othactors that might complicate eligibility
determination, including recent job losgncitizen status, and mover status.

We use the SNAP case as the basis for analW#scount the case dsligible” according to
TRIM3 if at least one member of the SNAP casea & TRIM3 unit simulated to be eligible in at
least one month of tharior calendar year.

Due to sample size limitations, we pool the fesstor Illinois, Mississippi, and Tennessee when
showing results by year, combine the five yeadadd when showing results by state, and combine
data across the three states fivel years when examining resulig detailed characteristic. The
combined results are affected by the relative pajpmaizes of the three states; approximately 47
percent of the weighted total for the combined states and years is for cases in lllinois, 35 percent
is for Tennessee, and 17rpent is for Mississippt?

43 The linked ASEC-SNAP administrative data files available to our study do not provide inforoapoior year
SNAP patrticipation and so we are e to quantify this effect. (See @ador the Eligibility Analysis, above).

4 The weighted shares are calculated from the weighted state totals shown in Appendix Table C.2.
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TRIM3 Simulated Eligibility

Figure 4.1 presents TRIM3 simulated eligibilggtimates for SNAP cases where at least one
member is matched by PIK with person in the CPS ASEC d&talRIM3 simulates a higher
share of SNAP cases to be eligible in2042 through 2014 CPS ASEC data than in the 2015 and
2016 data. Between 75 and 77 percent of casmsving SNAP at the time of the 2012 to 2014
CPS ASEC surveys are simulatedom eligible in at least omaonth of the prior calendar year,
compared with 72 percent in 2015 and 71 percent in 2016.

Figure 4.1 Simulated Eligibility of SNAP Cases in ASEC, by Year
2012 75% 25%
2013 7% 23%
2014 75% 25%
2015 72% 28%

2016 71% 29%

0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

m Eligible in 1+ months = Ineligible in all months

Sources: Decision Demographics & Urban Institute tabulations of 2012-2016 linked CPS ASEC, TRIM3, and SNAP
administrative data for lllinois, Mississippi, and Tennessee

Note: SNAP case status reflects the CPS ASEC survey month. TRIM3 simulated eligibility reflects eligibility in the
prior calendar year.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-027

45 We weight the results using the March supplement weight for the oldest case member mateh€BSoABEC.
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Combining data across the fiveays, we find that 7@ercent of SNAP cases in Mississippi are
simulated to be eligible for SNAP, compared with 74 percent in Tennessee and 73 percent in
lllinois (Figure 4.2).

Figure 4.2 Simulated Eligibility of SNAP Cases in ASEC, Combined 2012 to 2016 data, by State

Illinois

Missisisippi 78%

Tennessee

0% 10% 20% 30% 40% 50% 60% 70% 80% 90%  100%
m Percent eligible in 1+ months Percent ineligible in all months

Sources: Decision Demographics & Urban Institute tabulations of combined 2012—-2016 linked CPS ASEC, TRIM3,
and SNAP administrative data for lllinois, Mississippi, and Tennessee

Note: SNAP case status reflects the CPS ASEC survey month. TRIM3 simulated eligibility reflects eligibility in the
prior calendar year.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-027

Case and Unit Consistency

Ideally, the TRIM3 unit and SNAP case would haxactly the same members. Eligibility limits
and maximum benefit amounts rise as the casmibisize increases. The inclusion or exclusion
of an adult from a case or uniicreases or decreases the incavheéhe case or unit. If unit
membership does not match case membershiplb#nsize and incommay differ, affecting
eligibility. Unit assignment is #refore a critical first step of SNAP eligibility modeling.

We define a TRIM3 unit and SNAP case to hanagching membership if each person in the SNAP
case is linked by PIK with a member of the sarRéM3 unit, and the TRM3 unit does not include

any member not linked by PIK to the SNAP case. This approach will overstate the extent of unit
and case mismatches to the extent that some people have missing or erroneous PIKs.

We find that cases simulated as eligible in TRI&te much more likely to have matching case
and TRIM3 unit membership than are those sitealas ineligible (Fjure 4.3 and Appendix Table
C.1). In 2016, 63 percent of the cases simulatedigible have membership matching the TRIM3
unit. In other words, each casemiger is linked by PIK with a nmeber of the same TRIM3 unit,
and no non-case members are included in the untbnitrast, just 31 percent of cases simulated
as ineligible have matching aaand unit membership in 2016.
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Figure 4.3 SNAP Case and TRIM3 Unit Consistency by Simulated Eligibility and Year

2013 eligible 67% 14% 19%
2014 eligible 65% 18% 18%
2015 eligible 65% 17% 17%
2016 eligible 63% 21% 16%

2012 ineligible 23% 22% 55%

2013 ineligible 30% 42%

2014 ineligible 28% 31% 41%

2015 ineligible 22% 27% 51%

0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

m Unit and case match m 1+ Case member not in ASEC m Other mismatch

Sources: Decision Demographics & Urban Institute tabulations of 2012—-2016 linked CPS ASEC, TRIM3, and SNAP
administrative data for lllinois, Mississippi, and Tennessee

Note: SNAP case status reflects the CPS ASEC survey month. TRIM3 simulated eligibility reflects eligibility in at least
one month of the prior calendar year.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-027

Some case and unit mismatches are unavoidable, because one or more of the case members does
not appear in the CPS ASEC. This affects leetwvl4 and 21 percent ihfe cases simulated as

eligible by TRIM3 in the 2012 t@016 data, and between 22 gt and 31 percent of cases
simulated as ineligible. These estimates may be somewhat overstated, if some case members are
in the CPS ASEC but are not matchia: to missing PIK or other PIK errd.

Case and unit membership mismatches also occur when all case members are in the household,
usually because a household member who is n@raber of the case is assigned to the TRIM3

46 We perform a sensitivity test for missing PIK when préegrresults for one-adult plus child cases. We find that
if we exclude cases where the PIK is missing for a memwbtre SNAP case or CPS ASEC household, we reduce
the total number of one-adult plus child SNAP cagiéls a different TRIM3 unitype by nearly a third.
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unit. These mismatches account for between 4tepé and 55 percent of cases simulated as
ineligible by TRIM3 in the 2012 to 2016 data.

We find similar patterns when we combine dataoss years and review results by state (Figure

4.4 and Appendix Table C.2). Unit and casetain@s are much more common among cases
simulated as eligible by TRIMthan among those simulated asligible. Tennessehas slightly

greater consistency between case and unit membership than the other two states, regardless of
simulated eligibility status.

Figure 4.4 SNAP Case and TRIM3 Unit Consistency by Simulated Eligibility;
Combined 2012 to 2016 data, by state

lllinois eligible

Mississippi eligible

Tennessee eligible 15% 14%

lllinois ineligible

Mississippi ineligible

Tennessee ineligible 29% 30% 41%

0% 10% 20% 30% 40% 50% 60% 70% 80% 90%  100%

®m Unit and case match m 1+ case member not in ASEC ®m Other mismatch

Sources: Decision Demographics & Urban Institute tabulations of combined 2012—-2016 linked CPS ASEC, TRIM3,
and SNAP administrative data for lllinois, Mississippi, and Tennessee

Note: SNAP case status reflects the CPS ASEC survey month. TRIM3 simulated eligibility reflects eligibility in at least
one month of the prior calendar year.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-027
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Figure 4.5 aggregates results across the years and the three states and shows results by whether the
case is a one-adult plus child case or anotyyjee bf case. We classify case type by the case
characteristics according to the administrative data.

Figure 4.5 SNAP Case and TRIM3 Unit Consistency by Simulated Eligibility and Case Type;
Combined 2012 to 2016 data

Total eligible 65% 17% 17%
One adult plus child(ren) eligible
Other eligible 70% 14% 17%
One adult plus child(ren) ineligible 18% 45% 38%
Other ineligible 30% 21% 50%

0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

m Unit and case match m 1+ Case member not in ASEC m Other mismatch

Sources: Decision Demographics & Urban Institute tabulations of combined 2012—-2016 linked CPS ASEC, TRIM3,
and SNAP administrative data for lllinois, Mississippi, and Tennessee

Note: SNAP case status reflects the CPS ASEC survey month. TRIM3 simulated eligibility reflects eligibility in at least
one month of the prior calendar year.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-027

One-adult plus child cases are less likely teehmatching unit and case membership than are
other types of cases, regardlessiafulated eligibility status. Fiftfour percent of one-adult plus

child cases simulated as eligible by TRIM3 havatching unit and case membership, compared
with 70 percent of other eligibleases. Just 18 percent of one-adult plus child cases simulated as
ineligible by TRIM3 have matching unit and case membership, compared with 30 percent of other
cases simulated as ineligible. Among ineligible-adelt plus child cases, 45 percent have at least
one case member who does not have a PIK nwetbha member of the CPS ASEC household.
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Whole ASEC Imputation and Income Imputation

We next examine cases simulated as eligible or ineligible by TRIM3 by whether they have whole
imputation of the ASEC supplement, do not hadmle ASEC imputation but did not respond to

an income item question and haakleast one imputed inconvalue, or have neither whole
imputation nor income item imputation. We countase as a whole impuiteat least one case
member is a whole impute. If no member islaie impute we classify the case as an “income
item impute” if at least one case member has an imputed income*Value.

If a SNAP case is linked with a CPS ASEC hehusld that has whole imputation or income item
imputation, then it is possible that the incoareother characteristics imputed to the household
will be inconsistent with SNAP eligibility. For example, if the CPS ASEC respondent did not
report the amount of their earnings, he or she nighimputed an earnings amount that places the
person over the SNAP eligibility limit. Errors @®PS ASEC reported income could also cause a
SNAP participant to be simulated as indllg by TRIM3, though wedo not explore that
possibility here.

Although whole imputation and income item imgiibn can help explaiwhy TRIM3 finds a
linked SNAP recipient case to be ineligible 8NAP, imputation does not necessarily affect
overall eligibility estimates. The goal of imputatisro assign the right sliribution of income or
other characteristics to people with missingad&ollowing up on the example above, if another
(non-SNAP) household caaihed a person with earnings abdkie SNAP eligibility limit, who

did not report their earnings, and this pers@s imputed earnings below the SNAP eligibility
limit, then this household would now represém¢ “eligible” household in the estimates. If
imputations are distributionally accurate, they shagtaffect eligibility estimates. Even so, they
will cause some households in linked administeatwd survey data to have income and other
characteristics that appear inconsistent with SNAP eligibility.

We find that imputation levels are lowest in 20021 2013 regardless of eligibility status and that
imputation is much more common among cases stedils ineligible than among those simulated
as eligible (Figure 4.6). In 2012, g&rcent of cases simulatededigible by TRIM3 and 60 percent
of cases simulated as ineligible had neitheoy ASEC imputation nor income item imputation.
As of 2016, 69 percent of casesialated as eligible by TRIM3na 33 percent of cases simulated
as ineligible had neitmevhole imputation nor income item putation. Thirty-five percent of the
cases simulated as ineligible in the 2016 dathwhole ASEC imputatig and another 32 percent
had income item imputation.

47 TRIM3 unit eligibility may also be affected by imputation among unit members who are not also members of the
SNAP case. We do not identify this effect in this analysis.
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Figure 4.6 Imputation Status of SNAP Cases by Simulated Eligibility and Year

2012 eligible 81% 7% 12%

2013 eligible 7% 8% 15%

2015 eligible 66% 8% 25%

2016 eligible 69% 9% 22%
2012 ineligible 60% 18% 22%
2013 ineligible 56% 15% 29%

2014 ineligible 44% 26% 30%
2015 ineligible 46% 28% 26%
2016 ineligible 33% 35% 32%

0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

mNo impute ®=Whole impute mIncome item impute

Sources: Decision Demographics & Urban Institute tabulations of 2012—-2016 linked CPS ASEC, TRIM3, and SNAP

administrative data for lllinois, Mississippi, and Tennessee

Note: Cases identified as “No impute” correspond to a TRIM3 unit in which no member has imputation of the entire
ASEC supplement (“Whole impute”) or any income value (“Income item impute”).

Note: SNAP case status reflects the CPS ASEC survey month. TRIM3 simulated eligibility reflects eligibility in at least

one month of the prior calendar year.
DRB Delegated Authority Approval Number CBDRB-FY21-CES014-027

50



Factors Contributing to High Estimated SNAP Participation Rates

Pooling data across the five years, we find thggutation rates were higher among SNAP cases
in lllinois and Tennessee than ang SNAP cases in Mississippighteen percent of SNAP cases
simulated as eligible in Mississippi and 38 petoeinthose simulated as ineligible had whole
imputation or income item imputation, compareith roughly 30 percent afases found eligible
and 55 percent of cases found ineligibléha other two states (Figure 4.7).

Figure 4.7 Imputation Status of SNAP Cases by Simulated Eligibility;
Combined 2012 to 2016 data, by state

lllinois eligible 69% 9% 21%

Mississippi eligible 3% 15%

Tennessee eligible

lllinois ineligible

Mississippi ineligible 62% 16% 22%

Tennessee ineligible 45% 27% 28%

0% 10% 20% 30%  40% 50% 60% 70% 80% 90%  100%

ENo impute ®=Whole impute  ®mIncome item impute

Sources: Decision Demographics & Urban Institute tabulations of combined 2012—-2016 linked CPS ASEC, TRIM3,
and SNAP administrative data for lllinois, Mississippi, and Tennessee

Note: Cases identified as “No impute” correspond to a TRIM3 unit in which no member has imputation of the entire
ASEC supplement (“Whole impute”) or any income value (“Income item impute”).

Note: SNAP case status reflects the CPS ASEC survey month. TRIM3 simulated eligibility reflects eligibility in at least
one month of the prior calendar year.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-027
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Imputation rates are similar for one-adult plus child cases and other types of cases simulated as
eligible by TRIM3 (Figure 4.8). Among cases sintathas ineligible, 46 peent of one-adult plus
child cases and 55 percent of other cases Wawode imputation or income item imputation.

Figure 4.8 Imputation Status of SNAP Cases by Simulated Eligibility and Case Type;
Combined 2012 to 2016 data

Total eligible 73% 8% 19%

One adult plus child(ren) eligible 19%

Total ineligible

One adult plus child(ren) ineligible 18%

Other ineligible

0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

mNo impute ®=Whole impute mIncome item impute

Sources: Decision Demographics & Urban Institute tabulations of combined 2012—-2016 linked CPS ASEC, TRIM3,
and SNAP administrative data for lllinois, Mississippi, and Tennessee

Note: Cases identified as “No impute” correspond to a TRIM3 unit in which no member has imputation of the entire
ASEC supplement (“Whole impute”) or any income value (“Income item impute”).

Note: SNAP case status reflects the CPS ASEC survey month. TRIM3 simulated eligibility reflects eligibility in at least
one month of the prior calendar year.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-027

Match and Imputation Details and Othe~actors by Simulated Eligibility

Table 4.1 presents additional details about cadeuait mismatches, types of income imputation,
and other factors that might afit simulated eligibility. Results are pooled for the three states
across the five years of data and are shown sehafar one-adult plus ¢ldl cases and other types

of cases.
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Table 4.1 ASEC Characteristics of SNAP Cases by SNAP Case Type and TRIM3 Eligibility Status;
Combined 2012 to 2016 data

Total One-adult plus child(ren) Other case types
Ineligible Ineligible Ineligible
Eligible 1+ in all Eligible 1+ in all Eligible 1+ in all
months months Total months months Total months months Total
Total unweighted counts 3,100 1,000 4,100 900 300 1,200 2,200 750 2,900
Weighted total (in thousands) 7,742 2,190 5,553
TRIM3 unit and case match status
Percentage distribution 100% 100% 100% 100% 100% 100% 100% 100% 100%
TRIM3 unit matches SNAP case 65% 26% 55% 54% 18% 45% 70% 30% 59%
1+ members not in ASEC household 17% 28% 20% 27% 45% 31% 14% 21% 16%
Other case and unit mismatch 17% 46% 25% 19% 38% 24% 17% 50% 25%
Imputation
Percentage distribution 100% 100% 100% 100% 100% 100% 100% 100% 100%
No imputation 73% 48% 67% 72% 54% 67% 74% 45% 66%
Whole impute 8% 25% 12% 9% 18% 12% 7% 27% 12%
Not whole impute, any income item imputed 19% 28% 21% 19% 28% 21% 19% 28% 21%
Details on match status?!
Percentage distribution 100% 100% 100% 100% 100% 100% 100% 100% 100%
Match: One person household 23% 10% 20% 0% 0% 0% 32% 13% 27%
Match: 2+ person household 42% 17% 36% 54% 18% 45% 38% 16% 32%
1+ case members not in ASEC household 17% 28% 20% 27% 45% 31% 14% 21% 16%
1+ TRIM3 unit members not on case 15% 46% 23% 17% 37% 22% 15% 50% 24%
1+ case members in different TRIM3 unit 2% 2% 2% 2% 2% 0% 2%

(Table continues)
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Table 4.1, continued

Total One-adult plus child(ren) Other case types
Ineligible Ineligible Ineligible
Eligible 1+ in all Eligible 1+ in all Eligible 1+ in all
months months Total months months Total months months Total
Whole imputation or imputation of income
type
Whole impute or earnings imputation 16% 40% 23% 20% 39% 25% 15% 41% 22%
Whole impute or unemployment/workers
comp imputation 9% 26% 14% 11% 20% 13% 8% 29% 14%
Whole impute or social security, retirement,
disability, or survivor income imputation 12% 31% 17% 11% 19% 13% 12% 36% 18%
Whole impute or asset income imputation 12% 32% 17% 14% 25% 17% 12% 35% 18%
Whole impute or child support or other
financial assistance imputation 10% 27% 14% 13% 22% 15% 9% 29% 14%
Whole impute or means-tested assistance
imputation 11% 26% 15% 12% 19% 14% 11% 30% 15%
Other characteristics
Recent job loss by case member 14% 14% 14% 15% 13% 15% 14% 14% 14%
Case has at least one non-citizen 3% 4% 4% 3% 3% 3% 4% 5% 4%
Household has at least one non-citizen 8% 9% 8% 7% 8% 7% 8% 10% 9%
At least one case member moved in last
year 19% 14% 18% 27% 17% 24% 16% 13% 16%
Case has any of above factors?
Percentage distribution 100% 100% 100% 100% 100% 100% 100% 100% 100%
Case and unit don’t match 35% 74% 45% 46% 82% 56% 31% 71% 41%
Case and unit match, complicating factor 30% 19% 27% 30% 13% 26% 30% 22% 28%
Case and unit match, no complicating factor 36% 7% 28% 24% 5% 19% 40% 7% 32%

Sources: Decision Demographics & Urban Institute tabulations of combined 2012—-2016 linked CPS ASEC, TRIM3, and SNAP administrative data for lllinois, Mississippi, and
Tennessee.

Note: Cases identified as “No impute” correspond to a TRIM3 unit in which no member has imputation of the entire ASEC supplement (“Whole impute”) or any income value
(“Income item impute”). SNAP case status reflects the CPS ASEC survey month. TRIM3 simulated eligibility reflects eligibility in at least one month of the prior calendar year.

1Each case is placed in the first row that describes it.

2 Complicating factors include whole imputation, imputation of any income amount, recent job loss by case member, case has at least one non-citizen, and/or at least one
case member who is in the ASEC household moved in the last year.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-027 (Ns are rounded to meet disclosure avoidance requirements).
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Case and Unit Mismatches

Among one-adult plus child cases simulated as ineligible by TRIM3, 18 percent have matching
case and unit membership, 45 percent have angas®er that is not matched with a household
member in the ASEC, and 38 percent have a TRINkit member who is not a member of the case
(we examine these cases in gredttail in a later section).

Among other types of cases sintald as ineligibleoy TRIM3, 30 percent hae matching case and
unit membership, 21 percent have a case memaeisthot matched wita household member in
the ASEC, and 50 percent have a TRIM3 unitmber who is not a member of the case.

TRIM3 rarely splits members of the same casmss different TRIM3 units. Just 2 percent of
cases in which case and unit membership do nattmavolve situations where members of the
same case have been allocated across more than one TRIM3 unit.

Types of Income Imputation

Turning to imputation, we find that 39 percent of -@ukilt plus child cases simulated as ineligible

by TRIM3 either have whole imputation or eamgé imputation, compared with 20 percent of
those simulated as eligible. Asset income (incommfinterest, dividendgnd rents or royalties)

is the next most common type of income impiotafor one-adult plus child cases simulated as
ineligible. Twenty-five percent of one-adult plakild cases simulated as ineligible by TRIM3
have whole imputation or asset income imputation, compared with 14 percent of cases simulated
as eligible.

Among other types of cases simulated as ift#égby TRIM3, imputation of Social Security,
retirement, disability, or survor income is the second most common type of imputation after
earnings. Forty-one percent of athpes of cases simulatediasligible by TRIM3 have whole
imputation or earnings imputation; 36 percenténavhole imputation or imputation of Social
Security, retirement, disability, or survivorcome, and 35 percent yve whole imputation or
imputation of asset income. The corresponding figimesther types of cases simulated as eligible
for SNAP are 15 percent, 12 perteand 12 percamespectively.

Other Factorsthat Might Affect Eligibility

In addition to examining case and unit consisgesied imputation statusyve review three other
factors that might affect eligilify estimates. First, we examine whether the SNAP case has at least
one member who had worked iretlast year but was natorking in the interview month according

to the CPS ASEC. If so, then they might recentlyehlast a job and have truly been ineligible in
the prior calendar ye4?.We find that although 14 percenttbe linked SNAP cases have such a
member, they make up about the same share tWI3Rnits regardless of simulated eligibility
status.

48 The linked SNAP administrative and ASEC data availabtbis analysis do not identify SNAP participation in
the prior calendar year and so we are not abletirmme if the case participated in the prior year.
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Next, we review noncitizen statudnauthorized immigrants ameeligible for SNAP and other

noncitizens have restricted ebdity. Although native, naturatied, and noncitizen status is
reported on the CPS ASEC, other details (suchhather a noncitizen isnauthorized) must be

imputed, complicating eligility determination.

We find little difference in noncitize status among cases simulatecekgible orineligible in
TRIM3. About 3 to 4 percent of SNAP cases utld a noncitizen membeggardless of TRIM3
simulated eligibility status, and 8 to 9 percare in a CPS ASEC household with a noncitiZen.
It is possible that the approach we use todha cloned TRIM3 households mitigates differences
arising from noncitizen statd8.

Finally, we examine whether aniN8P case member moved in thetlgear according to the CPS
ASEC>! We speculate that simulation estimates migdtmore reliable for people with stable
living conditions. For example, a SNAP recipiemght have only recently moved in with other
family members whose combined income for the prior year make the simulated TRIM3 unit appear
ineligible. However, we find that cases simulated as eligible by TRIMBwarelikely to include

a case member who moved in the pyiear (19 percent) than are those simulated as ineligible (14
percent).

Combined Effect of Various Factors

Taking case and unit mismatch, imputation, and therdictors into consatation, we find that
just 7 percent of cases simulated as ineligib[ERIM3 have none of these complicating factors,
compared with 36 percent of those simuladsdeligible. Among one-attuplus child cases, 5
percent of cases simulated as ineligible in TRI&X any of these complicating factors, compared
with 24 percent of those simulated as eligible.

Role of Imputation and Other Factors when Case and Unit Membership Match

If most cases simulated as ineligible inllVB do not have matching SNAP case and TRIM3 unit
membership, what role do imputation and otfaetors play when case and TRIM3 membership
match?

Focusing just on cases where SNAP case antM3Rinit membership match, we find that 75
percent of cases simulated as eligible and 43 peofe@ases simulated as ineligible have neither
whole imputation nor income item imputation (Figut.9). Of the cases simulated as eligible, 5
percent have whole imputation aR@ percent have income imputati In contrast, 19 percent of

the cases simulated as ineligible have wiwlgutation and another J¥ercent have imputation

of at least one income amount. As with the overall results, earnings imputation continues to be the

4 We defined a case as having a noncitizen member i€asg member was a noncitizen according to the reported
information in the CPS ASEC.

50 Cloned immigrant households differ in their assignmemnaofigrant status. Because we select the clone with the
most eligible members for inclusion in this analysis, we reduce the situations in which the imputed immigrant status
would cause the case to be simulated as ineligible in TRIM3.

51 We classify a mover as someone who reports that they were not living in the same household one year ago
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most common type of income item imputationcag cases simulated as ineligible, followed by
Social Security, retirement, disiity, or survivor income, anthen by asset income (Table 4.2)

Figure 4.9 Imputation Status of SNAP Cases by Simulated Eligibility;
Cases with matching case and TRIM3 unit membership, combined 2012 to 2016 data

Eligible 5%  20%

Ineligible

0% 20% 40% 60% 80% 100%

mNo impute ®Whole impute ®Income item impute

Sources: Decision Demographics & Urban Institute tabulations of combined 2012—-2016 linked CPS ASEC, TRIM3,
and SNAP administrative data for lllinois, Mississippi, and Tennessee

Note: Cases identified as “No impute” correspond to a TRIM3 unit in which no member has imputation of the entire
ASEC supplement (“Whole impute”) or any income value (“Income item impute”).

Note: SNAP case status reflects the CPS ASEC survey month. TRIM3 simulated eligibility reflects eligibility in at least
one month of the prior calendar year.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-027
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Table 4.2 ASEC Characteristics of SNAP Cases by Simulated Eligibility;
Cases with matching case and TRIM3 unit membership, combined 2012 to 2016 data

Eligible 1+ Ineligible in all

months months Total
Total unweighted counts 2,000 250 2,200
Weighted total (thousands) 4,266
Imputation
Percentage distribution 100% 100% 100%
No imputation 75% 43% 71%
Whole impute 5% 19% 7%
Not whole impute, any income item imputed 20% 37% 22%
Whole imputation or imputation of income type
Whole impute or earnings imputation 12% 41% 16%
Whole impute or unemployment/workers comp
imputation 6% 22% 8%
Whole impute or social security, retirement,
disability, or survivor income imputation 10% 31% 13%
Whole impute or asset income imputation 10% 29% 12%
Whole impute or child support or other financial
assistance imputation 7% 22% 9%
Whole impute or means-tested assistance
imputation 8% 21% 10%
Other characteristics
Recent job loss by case member 13% 19% 14%
Case has at least one non-citizen 2% 6% 3%
Household has at least one non-citizen 3% 6% 3%
At least one case member moved in last year 18% 16% 17%
Case has any of above factors?!
Case has at least one of the above factors 46% 74% 49%
Case has none of the above factors 54% 26% 51%

Sources: Decision Demographics & Urban Institute tabulations of combined 2012—-2016 linked CPS ASEC,
TRIM3, and SNAP administrative data for lllinois, Mississippi, and Tennessee

Note: Cases identified as “No impute” correspond to a TRIM3 unit in which no member has imputation of the
entire ASEC supplement (“Whole impute”) or any income value (“Income item impute”).

Note: SNAP case status reflects the CPS ASEC survey month. TRIM3 simulated eligibility reflects eligibility
in at least one month of the prior calendar year.

1Complicating factors include whole imputation, imputation of any income amount, recent job loss by case
member, case has at least one non-citizen, and/or at least one case member who is in the ASEC household
moved in the last year.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-027 (Ns are rounded to meet disclosure
avoidance requirements).
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Among the cases with matching SNAP case &Rt#M3 unit membership, those simulated as
ineligible by TRIM3 are more likely to have aseamember with a recent job loss, a case member
who is a noncitizen, or to be in a household with at least one nonciggandless of whether the
noncitizen is a member of the case). These firglarg consistent with oexpectation but were
not apparent when viewing the results in the cdragall cases in Table 4.1. Cases with a member
who moved in the last year camiie to make up a higher sharecabes simulated as eligible (18
percent) than of those simulatasl ineligible (16 percent) albugh the difference is smaller than
when viewed in the context of all cases.

Considering these factors in combination, we thrat 74 percent of the cases with matching SNAP
case and TRIM3 unit membership that are $atmd as ineligiblein TRIM3 have whole
imputation, income item imputation, or one oé thther complicating factors compared with 46
percent of those simulated as eligible.

Investigating the Shortfall in One-Adult Plus Child Cases

We use combined linked data for all three st&ie2012 to 2016 to investigate factors that might
explain the apparent shortfall@fie-adult plus child cases in thRIM3 eligibility estimates. One-
adult plus child cases have estimated ipigdtion rates well alve 100 percent across
microsimulation models and data sources (Ch&)teso factors explaining simulated ineligibility
are of key interest.

Ideally, a one-adult plus child SNAP case fromddeninistrative data that is linked with the CPS
ASEC would also be a one-adult plus child TRIM8t. However, we find tht just over half (52
percent) of one-adult plus child SNAP caseshim linked data are one-adult plus child units in
TRIM3 that are simulated to be eligible in@ast one month of the pricalendar year (Table 4.3).
Another 21 percent are a different type of eligible unit, and 2€epéeare a different type of unit

that is simulated to be ineligible. Just 7 percent are one-adult plus child units simulated to be
ineligible in the prior calendar year.

Table 4.3 One-Adult Plus Child Cases by TRIM3 Unit Type and
Simulated Eligibility Status; Combined 2012 to 2016 data

Weighted Weighted

N (thousands)  percentage
Total 1,200 2,190 100%
Eligible 1 adult + child(ren) 52%
Ineligible 1 adult + child(ren) 7%
Eligible other TRIM3 unit type 21%
Ineligible other TRIM3 unit type 20%

Sources: Decision Demographics & Urban Institute tabulations of combined 2012—-2016
linked CPS ASEC, TRIM3, and SNAP administrative data for Illinois, Mississippi, and
Tennessee

Note: TRIM3 simulated eligibility reflects eligibility in at least one month of the prior
calendar year.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-029 (Ns are rounded
to meet disclosure avoidance requirements).
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While a substantial number of one-adult plus cBIMAP cases in the linked data are not simulated
to be one-adult plus child TRIMits, the reverse situation cas@bccur. Some SNAP cases in
the linked data that are not ongd#t plus child cases accordingttee SNAP administrative data

are simulated to be one-adult plus child TRIM3 units. Among SNAP cases linked with a TRIM3
one-adult plus child unit, 14 percent are anotiipe tof SNAP case simulated to be eligible by
TRIM3 (Table 4.4)2

Table 4.4 SNAP Cases that Correspond to a TRIM3 1 Adult + Child Unit, by SNAP
Case Type and TRIM3 Unit Eligibility; Combined 2012 to 2016 data

Total
N (thousands) Percentage
Total 900 1,545 100%
Eligible 1 adult + child(ren) 74%
Ineligible 1 adult + child(ren) 10%
Eligible other admin case type 14%
Ineligible other admin case type 2%

Sources: Decision Demographics & Urban Institute tabulations of combined 2012—-2016
linked CPS ASEC, TRIM3, and SNAP administrative data for Illinois, Mississippi, and
Tennessee

Note: TRIM3 simulated eligibility reflects eligibility in at least one month of the prior
calendar year.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-029 (Ns are rounded
to meet disclosure avoidance requirements).

Table 4.5 lists the reasons that one-adult pliisl @NAP cases do not meet the one-adult plus
child definition in TRIM3. The most common r@as accounting for 28 percent of the cases, is

that the SNAP case’s children are not préserthe corresponding ES ASEC household. In
another 15 percent of cases, tiNAP case’s adult is nan the CPS ASEC hoekold and the case
children are in a TRIM3 unit witiore than one adult. The casdult’'s spouse is included in the
TRIM3 unit along with the case aduit20 percent of cases, and 18qent of the cases incorporate

the case adult’s cohabitip@rtner into the TRIM3 unit. Themeining 19 percent of the cases are

in a TRIM3 unit that does not include the spouse or partner of the case adult but does include some
other adult—such as an older relative or adult child of the case’adullt.

52 Some of these other case types are child-only SNAES ¢gasvhich the adults are ineligible for SNAP. The

TRIM3 unit classification used here does not check the eligibility status of the adults on the case and so does not
identify “child-only” cases. TRIM3 units consisting of emeligible adult and a child would be counted as “one-

adult plus child” here, but as “child-only” in the SNAP administrative data. Therefore, Table 4.4 poleristates

the extent to which a one-adult plus child unit in TRIM3 has some other case type in the SNAP administrative data

53 We find that for 10 percent of these cases, the othdtsae the case adult’s childrbatween the ages of 18 and
21. These children are included in the TRIM3 unit in accordance with SNAP regulations.
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Table 4.5 Reason One-Adult Plus Child Case is not One-Adult Plus Child in TRIM3;
Combined 2012 to 2016 data

Weighted Weighted

N (thousands)  percentage
All units
Case adult not in ASEC 15%
Case children are not in ASEC 28%
ASEC spouse in TRIM3 unit 20%
ASEC partner in TRIM3 unit 18%
No spouse/partner; other adult in TRIM3 unit 19%
Total 500 898 100%
Excluding units where member is missing PIK
Case adult not in ASEC 11%
Case children are not in ASEC 25%
ASEC spouse in TRIM3 unit 22%
ASEC partner in TRIM3 unit 22%
No spouse/partner; other adult in TRIM3 unit 20%
Total 350 613 100%

Sources: Decision Demographics & Urban Institute tabulations of combined 2012—-2016 linked
CPS ASEC, TRIM3, and SNAP administrative data for lllinois, Mississippi, and Tennessee

Note: Each case is placed in the first row that describes it.
Note: TRIM3 simulated eligibility reflects eligibility in at least one month of the prior calendar year.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-029 (Ns are rounded to meet
disclosure avoidance requirements).

These estimates may overstate the extent to whecbase adult and case children are absent from
the ASEC household. People lacking a PIK indgbeinistrative data or CPS ASEC data are not
linked and likely account for some of the casamnbers identified as absent from the household
(Czajka, 2021). PIK errors maysal prevent some matches. Wheewing the data, we observed
that some cases have nonmatched members whioeasame age and sex as a nonmatched member
of the CPS ASEC household butveadifferent PIKs. These callrepresent different people—
such as the current and former partner ofiibiesehold reference perse-but could also reflect
errors in PIK assignment in either data source.

As a sensitivity test, we present results at the bottom of Table 4.5 that exclude cases where the PIK
is missing for a member of the SNAP case BEAASEC household. This reduces the total number

of one-adult plus child SNAP cases with a difféar€RIM3 unit type by nearly a third. The share

of cases where the SNAP case’s children arertbe CPS ASEC household falls from 28 percent

to 25 percent and the share where the caseiaddt in the CPS ASEC household falls from 15
percent to 11 percent. This test does nobastfor possible errors in PIK assignment.
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The absence of case members from the CPS A8kSehold and the inclusion of a spouse or
partner in the TRIM3 unit explamost of the one-adult plus chiBNAP cases that are some other
type of TRIM3 unit. We take a closer look at each of these groups below.

Case Member Absent from the ASEC household

We examine family relationships and mover statusbtain insight into the characteristics of one-
adult plus child cases where the children dulaare missing from the ASEC household. If a
child’s recent move from one household (whirey lived with a pama) to another household
explains the discrepancy, we might expect totkatthe children are living with grandparents or
other relatives and have malwithin the last year.

We measure the characteristics of the aasédren in the CPS ASEC household using the
characteristics of the youngest SNAP case chikelil with the CPS ASEC data. The results are
based on 80 unweighted cases and so should b&emt exploratory. Wdéind that just 12
percent of the youngest children in one-adult phikl cases where the case adult is missing from
the CPS ASEC household have moved in the pear yTable 4.6). This is lower than the average
for SNAP cases linked with the CPS ASEC. Acoogdo Table 4.1, 18 percent of all SNAP cases
linked with the CPS ASEC have at least omember who has moved in the prior year.

Table 4.6 ASEC Characteristics of Youngest Case Child; One-adult plus child cases
where adult is not in the ASEC, combined 2012 to 2016 data

N 80
Weighted total (in thousands) 133
Weighted

percentage

Presence of parents in ASEC household of youngest case child

Two parents present 36%
One parent present 24%
No parents present 40%

Relationship to household reference person of youngest case child

Child 49%
Grandchild 33%
Other Relative 12%
Nonrelative 6%

Youngest case child in same household 1 year ago?

Under age 1 3%
Yes (non-mover) 85%
No (mover) 12%

Sources: Decision Demographics & Urban Institute tabulations of combined 2012—-2016 linked
CPS ASEC, TRIM3, and SNAP administrative data for lllinois, Mississippi, and Tennessee

Note: TRIM3 simulated eligibility reflects eligibility in at least one month of the prior calendar year.
DRB Delegated Authority Approval Number CBDRB-FY21-CES014-029 (Ns are rounded to meet
disclosure avoidance requirements).
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In over a third of cases (36 percent) involving a adak plus child case where the adult is missing
from the CPS ASEC household, the youngest SHdd2 child has two parampresent within the
household. This might seem surprising, if we asstiraethe absent case adult is also a parent.
However, it is possible that the absent case adalgisardian or caretaker, thrat a parent in the
household is a stepparent. In some cases, one of the parents may laethellyase adult, but not
linked with the SNAP administrative iadue to missing PIK or PIK errétIn about a quarter of
cases (24 percent) the youngesid on the SNAP case has onegrd present within the ASEC
household and in the remaining 40 perceatybungest child has no parents present.

Another possibility is that the case adult rbemoved out of a hoe$old containing the case
children and other family members. This migphply to some of the 33 percent of the children
living with a grandparent, for exampte.

If we turn the focus to case wts who are in CPS ASEC hotmsdds without case children, we
find that 23 percent moved within the last year (&a&hb7). This is a higher share than is observed
for children in Table 4.6 and ism@what higher than the overallerage for all SNAP cases linked
with the CPS ASEC shown in Table 4.1.

54 When reviewing example households, we identified casdshouseholds that appeared consistent with each of
these explanations.

5 A child who is the grandchild of the household reference person might also have one or &t ipathe
household. The table simply shows the relationship of the youngest child to #ehblolreference person.
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Table 4.7 ASEC Characteristics of Case Adult; One-adult plus child cases where
case children are not in the ASEC, combined 2012 to 2016 data

N 100
Weighted total (in thousands) 248
Weighted

percentage

Marital status of case adult

Married spouse present or married spouse absent or widowed 24%
Divorced 19%
Separated 3%
Never married 55%

Case adult in same household 1 year ago?

Yes (non-mover) 7%
No (mover) 23%
Relationship of case adult to household reference person

Reference person with relatives 28%
Reference person without relatives 30%
Spouse of reference person 4%
Child of Reference person 19%
Other Relative of reference person 7%
Unmarried partner or nonrelative of household reference person 13%

Sources: Decision Demographics & Urban Institute tabulations of combined 2012—-2016
linked CPS ASEC, TRIM3, and SNAP administrative data for lllinois, Mississippi, and
Tennessee

Note: TRIM3 simulated eligibility reflects eligibility in at least one month of the prior calendar
year.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-029 (Ns are rounded to
meet disclosure avoidance requirements).

Over half of the case adults who are in ASEgtiseholds without case children have never been
married (55 percent), 24 percent are marriediidowed, 19 percent are divorced, and 3 percent
are separated. Most (62 percear® a household reference or speuse of a reference person, 19
percent are the child of a household refergmeeson, and 13 percent are a partner or other
nonrelative of the houbkeld reference person.

Soouse or Partner Included in the TRIM3 Unit

According to SNAP regulations, married coupldswive together must apply for SNAP together.
Cohabiting partners are not required to apply tagetbut children are required to apply with their
parents. Therefore, cohabiting parents of the same child should apply together. We find that the
cohabiting partner is the parent of at least orteetase adult’s children in nearly all (95 percent)

of the one-adult plus child SNAP cases withcohabiting partner in the TRIM3 unit. We
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investigated the extent of im@iion of married couple and parettild relationships but found it
was rare enough to not affect the estimaftes.

Different treatment of ineligible unit membersthe SNAP administrative data and TRIM3 may
explain some cases that appear to have orieaduchildren in the SNAP administrative data but
include a spouse or partia the TRIM3 unit. If one spouse partner is ineligible for SNAP—
for example, due to immigrant status or a progvatation—all or a portion of the income of the
ineligible person may be deemed available teenfamily members, but the person is not taken
into consideration when determining the fi@s benefit and is not considered a SNAP
participant>’

TRIMS3 counts the ineligiblspouse or partner as part of thit” and applies appropriate income
deeming and benefit calculation rules. The madgltures restrictions based on immigrant status
and student status, but lacks dataitoulate other types of ineligibility, such as failure to comply
with work requirements or sations for drug violations.

It is not clear from the SNAP administrative dated for this study whieér ineligible spouses

and partners are included in the cf§td they are included, we coutitem as members of the case

and we classify the case as having multiple adults and children. If they are not included, then some
of the one-adult plus child SNAGases with a spouse or partnethia TRIM3 unit might be cases
where the spouse or partngineligible for SNAP.

Even if the SNAP administrativdata exclude ineligible spouses and partners, we would not
expect that to have much effect on the estimptesented here. Accordito our tabulations of
the 2016 SNAP QC data, just four percent of otha@teplus child cases in the combined data for
lllinois, Mississippi, and Tennesshave a nonparticipating adult member.

The 2016 SNAP QC data also show that inbiidy due to immigranstatus is the most

common reason that a married parent family has only one eligible parent, accounting for 78
percent of these cas®However, ineligibility due to immigmt status appears to explain few of
the one-adult plus child cases tiratlude a spouse or partnertire TRIM3 unit. We find that

just 29 percent of one-adult plus child SNAPasam which a spouse is included in the TRIM3
unit involve a spouse who might be ineligiblige to immigrant status (data not sho@h).

56 Information about marital status and parent-child relationships is collected in the basic CPS interview and so is not
affected by whole imputation.

57 Deeming rules vary depending on the reason for a gers@digibility. Depending on the reason, all, some, or
none of the income may be deemed available to other case members.

58 To obtain greater insight, we tabulated participatiatust variables for each state’s administrative data. We find
that in Mississippi, about 2 to 3 percent of all people remtesl in the data are nonparticipants. Nobody is identified
as a nonparticipant in the lllinois data, and less than Epeace identified as nonparticipants in the Tennessee data
(Appendix Table C.3). Based on these results, it appialy that the Mississippi data include ineligible case
members, the lllinois data do not, and the Tennessaevdgy contain some but not all ineligible members.

59 These are national estimates. The QC sample for this subgroup is too small to support reliable estimates for

lllinois, Mississippi, and Tennessee.
50We use the reported CPS ASEC information on citizenship and immigrant status to determine the immigrant status

of the people in the TRIM3 unit and count any person who is not native-born as potentially ineligible due to immigrant
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Among one-adult plus child SNAP cases wheeedhise adult has a cdiiing partner in the

TRIM3 unit, nearly all (almost 10fercent) consist of native-bopartners. Thus, ineligibility of
the spouse or partner is unlikely to explain moghefcases that appear as a one-adult plus child
case in the administrative data but incladgpouse or partner in the TRIM3 unit.

We also investigated whether one member efcibuple had moved within the last 12 months and
the other had not. If a spouse or partner hag dently joined the ASEC household, the family
might not yet have informed the SNAP agernidgwever, we find virtually no instances among
the cases under consideration where one spoysatoer had reported to the CPS that they had
moved in the last 12 montlasd the other had not.

Chapter 4 Summary and Recommendations

Our goal in linking the simulated TRIM3 unit idemgits and eligibility flags to the linked CPS
ASEC and SNAP administrative dasato better understa the various factors that explain why
a case that receives SNAP according to staterastmative data is simulated as ineligible for
SNAP in TRIM3. This can proval insight regarding wxpectedly high padipation rates for
some subgroups and can potentially infanmprovements in microsimulation modeling.

The eligibility analysis builds on datasets created by Mathematica that link the CPS ASEC and
SNAP administrative data for lllinois, Mississippi, and Tennessee. People in the CPS ASEC are
linked by PIK with SNAP administrative datar the month corresponay to their interview
month, for each year of CPS ASEC data fradi2 to 2016. We augment the data by attaching
simulated TRIM3 SNAP unit identifiers andgbility flags to the linked data sets.

The available data do not align perfectly with respect to the timing of SNAP patrticipation and
eligibility. SNAP patrticipation reflects participah at the time of the CPS ASEC interview, and
simulated eligibility reflects eligibility in atlast one month of the pricalendar year. Thus, some
level of ineligibility among participants would be expected, even with perfect data and simulation
techniques.

status. We group naturalized citizens with noncitizens lsecaaven though they are eligible for SNAP, there is
evidence that some noncitizens report themselves as naturalized in survey data (Passel, Clark, & Fix, 1997, Van Hook
& Bachmeier, 2013; Brown et al., 2018). The results provide an upper bound estimate of the extent that ineligibility
due to immigrant status might affect the findings, since naturalized citizens and certain categories of legally present

noncitizens are eligible for SNAP
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Summary of Findings: All Cases
Results from this analysis show:

e The share of SNAP cases in the linked datt are simulated as eligible by TRIM3
declined from between 75 and 77 percent@2@l12 to 2014 CPS ASHiata to 72 percent
in 2015 and 71 percent in 2016.

e Cases simulated as eligible are much nli&edy to have matching SNAP administrative
data case membership and TRIM3 unit membership than those simulated as ineligible.

e Some case members do not appear in the AFEC, and so it is not possible for TRIM3
SNAP unit and administrative case membership to match.

e Whole imputation and income item imputatifmm linked SNAP cases steadily increased
from 2012 to 2016.

e Imputation rates are higher for cases simulated as ineligible than for those simulated as
eligible. In 2016, 67 percent of cases simulasdneligible and 31 percent simulated as
eligible had whole imputatioar income item imputation.

e Among cases where the SNAP case and TRIMit membership match, 56 percent of
SNAP cases simulated as ineligible and 25 percent of those simulated as eligible have
whole imputation or income item imputation.

Summary of Findings: One-adult plus child cases

We use combined linked data for all three st&de2012 to 2016 to investigate factors that might
explain the apparent shortfall ofie-adult plus child cases in thRIMS3 eligibility estimates. We

start with a sample of approximately 1,200 linke@-adult plus child SNAP cases, of which about
300 are simulated as ineligible in TRIM3. Some of our estimates come from subgroups of one-
adult child SNAP cases with sample sizes asdev80. In general, resukfiould be regarded as
exploratory and confirmed by extending tealysis to additional years and states.

Focusing on one-adult plus child cases,find that much of the shortfall in eligible one-adult plus
child cases is that they do not appiebe one-adult plus child units in TRIM3.

Of one-adult plus child s in the linked data:

e 52 percent are one-adult plus child umt§ RIM3 simulated as eligible
e 21 percent are a different typeTRIM3 unit simulated as eligible

e 20 percent are a different typeTRIM3 unit simulated as ineligible

e 7 percent are one-adult plus child umitsS'RIM3 simulated as ineligible

Thus, a major part of éhshortfall in one-adulplus child cases is thatRIM3 does not identify

them as one-adult plus child units. In most ca#@s is unavoidable. TRIM3 can't recreate the
SNAP case membership and remain consistent elidiibility rules because the case children or
the case adult do not appear in the ASEC houdgbolthe TRIM3 unit includes the case head’s
spouse or cohabiting partner (whatle parent of at least one thie case head’s children in 95
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percent of the cases). Married couples and ctihglparents who are both the parents of the same
child are required to apply for SNAP togetherd ap alternative unit tygecannot be constructed
for these units while remaining consistent with program rules.

Missing PIKs, PIK match error, and definitional issuegarding whether an ineligible spouse is

or is not included in the administrative data may cause these issues to be overstated to some extent.
Even so, these unit and case definition oimgistencies, combined with the potential
underrepresentation of one-adult plus child casesreed in Chapter 3, may explain much of the
shortfall in one-adult plus child cases imstbombined group of ates and data years.

These apparent inconsisterxigaise questions about atarate reporting of household
membership to the SNAP agency, errors imvey reporting of CPS ASC household membership
and relationships, and differences in theidence of children aoeding to survey and
administrative data. Further investigation wouldneeded to explore these issues, but we offer
some initial thoughts here.

Ideas for Future Research Ariag from Eligibility Analysis
Missing PIK and PIK Error

PIK errors and missing PIKs can make it appearaltaise member is not present within the ASEC
household even when the case member is inclinléde data. This can lead the number of
participants in linked data to hmdercounted and likely aaes us to overstatiee extent to which
there are discrepancies in SNAP case and TRIMBmembership. However, this is unlikely to
have much effect on the extent to which one-goluk child cases areddtified as one-adult plus
child units in TRIM3. For exampld, the case adult’s childreneam the household but PIK errors
prevent them from being identified as memberthefSNAP case, the casewld still be classified

in our analysis as a one-adult ptsld case (assuming no other ldsiincluded in the unit). It is
only when the case adult does not have any childrgmn the household that the case would be
classified as one in which the amnén are absent from the household.

Nevertheless, overcoming the limitations of missing PIK and PIK error—for example by allowing
matches between additional case members and CPS household members based on sex and age—
would be very beneficial to futuresearch using the linked data files.

Inclusion of Ineligible Spouse or Partner

It was not clear from the dataalable to us whether a spousepartner (who was also the parent
of a child) was not known to the SNAP agencwas known but not included in the administrative
data because the spouse or partner was ineligib®NAP (for example, due to immigrant status
or because of a program violation). If an inidig spouse or partner w&nown to the agency but
not included in the administrative data files (@xample, because the ineligible spouse or partner
was not considered a “participant”) then the aasald be appropriately absified as a one-adult
plus child case in the SNAP adnstrative data but would have bedassified as a two adult plus
child case in the TRIM3 estimates. Howevem pouse or partner is not known to the agency,
then the presence of the spouse or partneraerfC#aS ASEC data suggests error of some sort—
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either in the reporting of relationg information to the SNAP agey or in the reporting of CPS
ASEC family relationships.

A suggestion for improvement to the SNAP admmaiste data files at thCensus Bureau would
be to document whether ineliginbase members are included, &b, the variables that should
be used to identify them. This will differ substatly by state and may nbe adequately reflected
in state metadata documentation; conversationssiatie database admimatbrs and case worker
supervisors could be revealingunderstanding elements of the adisirative record data to be
considered when expanding this analysis.

Ideally, the SNAP administrativ@ata files collected by the CendBisreau would include data for
both the participating and nonparticipating membeis cdse, with variables that clearly indicate
whether a person is a participgtimember who is taken into consideration when calculating the
case’s benefit, or a nonparticipating member whsgme may be deemed available to the case.
This would provide the greatest flbiity in the use of these datkor example, an analysis that
focused strictly on people eligible for and reaggg SNAP would exclude the ineligible case
members. But an analysis that focused onlithieg arrangements ofhildren receiving SNAP
would appropriately identify thesliving with both parents—even when one or both parents is
ineligible for SNAP due to their immignt status or for some other reason.

Inaccurate Reporting to the SNAP Agency

SNAP agencies perform monthly reviews of sampbees as part of the QC system. QC reviewers
review data on file about the salegh cases and then wigihe household to reyierview participants

to verify eligibility and the benefit amount. Erroates are generallyonsidered to be low.
Ineligible SNAP cases accounted for about 1 péraEparticipant cases ithhe average month of
2016% A recommendation for future search would be to assess #éxent of error specific to
family relationship and residence issues that caffett whether a case is classified as having one
or multiple adults with children. Linking SNAP QCtddo the PIK-linked datasets could be further
revealing.

CPS ASEC Respondent Error

The absence of a SNAP case’s aaldfrom the household could Bee to survey response error.
Children, particularly young children, are undercounted in the decennial Census and in household
survey data (Jensen & Hogan, 2017). Children mplex households or hoeisolds with a single

parent were most likely to be missed by the 2010sGg (Jensen et al., 2018). In some cases, the
child’s household was included in the Census, but the child was omitted. In other cases, the entire
household was missing (Fernandez, Shattucko&mi2018). Future research could consider the
extent to which under coveragsd missed children within ghCPS ASEC contribute to the
shortfall in one-adult plus childases and investigate the possipibf reweighting the data to
compensate for the shortfall.

61 This estimate is calculated from Table 11.2 in Vigil et al., 2017.
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Errors in reporting of family relationships can also occur in survey data. Although we observed
negligible imputation rates for marital status and for the variables linking children with parents,
future research could consideaiid how much misreported relatibiss might affect results. For
example, a survey respondent might report aelated couple living ithe household as married,

not knowing in fact that they are cohabiting.

Movers

Another possibility is tht the members of a SNAP case have only recently moved into separate
households and have not yet informed the SNAdhag at the time of WCPS ASEC interview.

For example, a child might have moved from livimigh one parent to livig with grandparents or

with another parerdnd stepparent.

We investigated movers to some extent in analysis. When reviewing SNAP cases where the
children were in the household, but the case heasl missing, we found that the children were
less likely to have moved in thmior year than was true for SNAP cases overall. In cases where
the case head was in the CPSEL&Shousehold, but the children werat, we found that a higher
share (23 percent) had movedhin the last 12 months thamas found on average for SNAP
cases. These findings are based on CPS ASEOnsss to questions about whether a person was
living in the same household a year ago. Futesearch could examine prior and subsequent
months of administrative data, to see if changess® membership are revealed that might explain
the apparent inconsistency in asEncy of the case adult and chhdd. Researchers might also look
over prior or subsequent months of CPS databserve if householshembership had changed
according to the CPS data.
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5. Conclusion and Recommendations for Further Research

Developing SNAP eligibility and pacipation rate estimates & highly complex task involving

two distinct data sources—the hetsld survey data used to degethe eligibility estimates and

the SNAP administrative data that provide infatimn on program participé Participation rate
estimates above 100 percent ocatnen microsimulation models find fewer people eligible for
SNAP in survey data than receive SNAP acitmydo administrative data. Understanding these
high participation rates is compdited by the fact et the eligibilty estimates and counts of
participants are drawn from different sourcesaBglyzing linked SNAP administrative data, CPS
ASEC data, and TRIM3 eligibility data for three sttwe are able to provide insight into possible
explanations for high particgtion rates in some population subgroups and reasons for
inconsistencies in simulated TRIMS3 eligibility.

The issues that contribute to participation rates above 100 percent for some subgroups may also
affect participation rate estimates for subgroufik Yower participation rates. The participation

rate for a subgroup could be overstated, despitath¢hat the estimate has not yet exceeded 100
percent. Alternatively, the estimated participatirate for a subgroup could be too low, if the
subgroup is overrepresedta the CPS ASEC.

At the end of each chapter we have w@te summaries and chapter focus-specific
recommendations; here we conclude by drawitentibn to three key ssies—not only relevant
to microsimulation modeling and pizipation rate estimates, busalgermane to the use of linked
SNAP administrative datalés and CPS ASEC files father research purposes.

Our findings are based on data from three statelsfive years of data; we recommend that the
research be extended to additional states and/data. If our findings hold when analysis is thus
extended, the following implications emerge:

1) One-adult plus child SNAP cases are undeasgnted and multiple-adult plus child cases
are overrepresented in the CPS ASEC dueddower interview rates for one-adult plus
child cases and the higher interview radéshouseholds with multiple-adult plus child
cases.

2) Among one-adult plus child SNAP cases ideetlfin the linked SNAP administrative data
and CPS data, 41 percent are identified as satimer unit type in TRIM3. In most cases
this is unavoidable because the case children are not in the CPS household, a spouse or
partner (and co-parent of tliase adult’s child) is preseim the household, or the case
adult is missing from the household.

3) Imputation rates are much higher for SNAP cases in the linked data that are simulated as
ineligible by TRIM3 than for those simuéd as eligible. 112016, 67 percent of cases
simulated as ineligible and 31 percent simulated as eligible had whole imputation or
income item imputation.

The inconsistencies in household and case membership help to explain why a SNAP case linked
with the CPS ASEC data might be simulatednadigible by TRIM3 and other microsimulation
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models. Eligibilitylimits and maximum benefit amounts increasth case size. Income rises or
falls with the addition or subtcéion of adults (and their assated income) from the case.

Whole imputation of the CPS ASEC and incoiteen imputation also help explain why a SNAP
case linked with CPS ASEC data might be simulated as ineligible by TRIM3 or other
microsimulation models. The results show that nioked data cases simulated as ineligible by
TRIM3 have whole imputation or income itempuatation, suggesting that the income or other
characteristics imputed to these cases is inconsistent with SNAP eligibility.

Whole imputation and income item imputati@o not necessarily psent a problem for
microsimulation model estimates or contribiite unrealistically high participation rates. No
imputation method is perfect at the individualde Rather, imputation methods seek to achieve
an appropriate distribution ofédome or other characteristics agsaondividuals with missing data.

The challenge arises when analyzing the sitedleeligibility of people who receive SNAP
according to linked SNAP administrative datadaCPS ASEC data. In this report, we have
documented that most of the linked SNAP admiaiste data cases simulated as ineligible by
TRIM3 are whole imputes or have income it@mputation. Future research could look more
closely at SNAP cases linked with TRIM3 unttsat lack whole imputation and income item
imputation, to identify areas for improvement in microsimulation methods.

Our findings also have implicatiorier the use of linked administrae data and survey data to
correct for underrepartg of program benefits in the survdgta (Fox et al., 2017; Shantz & Fox,
2018; Mittag, 2019; Fox, Rothbaum & Shantz, 2021).

1) Case membership according to the adstiative data may be inconsistent with
information about the people and relatiopshamong people within a survey household,
particularly for cases identified as having one-adult plus children according to the
administrative data. The level of inconsistenbgerved here suggests the need for careful
consideration about how such inconsistencies should be handlealysesnthat involve
linked survey and administrative data.

2) It is important to account for the fact that whole imputation and income item imputation
can cause some actual SNAP patrticipangsé€d on linked administtive data) to have
income data in the survey that is too highgomgram eligibility. Thisshould be taken into
consideration when analyzing program retefaccording to administrative data) by
income level in the CPS ASEC. Possible apphes to avoiding it problem are to
develop estimates that exclude householdk imputed data (revighting appropriately)
or to control for SNAP receipt from lindedata when performing whole imputation and
income item imputation.

Analyses of linked administrative data and surdata offer many opportunities but also raise new
guestions and challenges. We hope that the information provided here will provide ideas to
motivate future research in the areas of osgnulation modeling ankhked data analysis.
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Table A.1: National Estimated SNAP Individual Participation Rates in 2011 and 2016

By Data Source, Model, and Whether Estimate Includes State Broad Based Categorical Eligibility (BBCE)

(Numbers in thousands)

Factors Contributing to High Estimated SNAP Participation Rates

Eligible Participation Rate (Participants/Eligibles)
CPS SIPP ACS CPS SIPP ACS

Individual Characteristic Participating MATH TRIM3 MATH ATTIS MATH TRIM3 MATH ATTIS
2016 (Federal Rules)
All Individuals 39,904 47,070 50,023 55,678 85 80 72
Age
Children (17 or younger) 17,874 17,193 17,931 19,739 104 100 91

Pre-school age (0-4) 5,430 5,194 5,295 5,995 105 103 91

School-age (5-17) 12,443 11,999 12,635 13,745 104 98 91
Nonelderly adults (18 to 59) 17,613 19,986 21,890 25,071 88 80 70
Elderly Individuals (60+) 4,417 9,890 10,201 10,867 45 43 41
Adults age 18 to 49 without disabilities in childless households 3,452 3,544 5,487 7,280 97 63 47
Noncitizens 1,766 2,788 2,720 2,601 63 65 68
Citizen children living with noncitizen adults 3,556 4,382 5,058 5,072 81 70 70
Case size

1 person 10,263 10,487 15,243 17,641 98 67 58

2 people 7,175 11,053 9,841 10,847 65 73 66

3 people 7,703 8,673 8,143 8,844 89 95 87

4 or more people 14,764 16,858 16,796 18,345 88 88 80
Case countable income sources

No Earned income 22,621 23,953 26,165 27,104 94 86 83

Earned income 17,283 23,117 23,857 28,574 75 72 60

TANF 3,092 4,519 3,658 3,573 68 85 87

SSi 7,686 8,934 8,092 7,949 86 95 97

Social Security 7,446 11,332 11,338 12,715 66 66 59
Countable Income as a Percentage of Poverty Guidelines

No Income 6,450 6,330 6,120 7,528 102 105 86

1 to 50 percent 10,605 8,960 10,081 10,227 118 105 104

51 to 100 percent 17,059 18,044 21,366 22,789 95 80 75

101 percent or more 5,791 13,736 12,455 15,133 42 46 38
Benefit as a percentage of maximum benefit

low benefits (1 to 50 percent of max) 9,554 18,702 19,446 21,703 51 49 44

high benefits (51 to 99 percent of max) 16,845 16,204 17,237 18,291 104 98 92

51 to 75 percent 8,126 9,200 9,510 10,310 88 85 79
76 to 99 percent 8,719 7,004 7,727 7,981 124 113 109
maximum benefit 13,505 12,164 13,340 15,685 111 101 86




Factors Contributing to High Estimated SNAP Participation Rates

Table A.1: National Estimates (continued)

Eligible Participation Rate (Participants/Eligibles)
CPS SIPP ACS CPS SIPP ACS

Individual Characteristic Participating MATH TRIM3 MATH ATTIS MATH TRIM3 MATH ATTIS
2016 Including State Broad Based Categorical Eligibility (BBCE)
All Individuals 43,465 69,611 65,424 68,920 62 66 63
Age
Children (17 or younger) 19,174 21,368 21,105 22,572 90 91 85

Pre-school age (0-4) 5,818 6,326 6,202 6,817 92 94 85

School-age (5-17) 13,356 15,043 14,903 15,755 89 90 85
Nonelderly adults (18 to 59) 19,180 27,397 27,496 30,427 70 70 63
Elderly Individuals (60+) 5,112 20,845 16,823 15,921 25 30 32
Adults age 18 to 49 without disabilities in childless households 3,825 5,433 7,378 9,316 70 52 41
Noncitizens 1,964 3,752 3,453 3,120 52 57 63
Citizen children living with noncitizen adults 3,824 5,336 6,003 5,845 72 64 65
Case size

1 person 11,342 15,814 20,230 22,020 72 56 52

2 people 8,043 21,442 15,915 15,793 38 51 51

3 people 8,252 10,574 9,455 9,945 78 87 83

4 or more people 15,828 21,781 19,824 21,162 73 80 75
Case countable income sources

No Earned income 24,118 34,597 33,653 32,722 70 72 74

Earned income 19,347 35,014 31,771 36,199 55 61 53

TANF 3,123 4,583 3,787 3,661 68 82 85

SSi 7,796 9,482 8,577 8,312 82 91 94

Social Security 8,311 21,820 18,411 18,225 38 45 46
Countable Income as a Percentage of Poverty Guidelines

No Income 6,877 6,994 6,165 7,595 98 112 91

1 to 50 percent 11,008 10,615 11,069 10,643 104 99 103

51 to 100 percent 17,658 20,151 22,467 23,464 88 79 75

101 percent or more 7,922 31,851 25,723 27,219 25 31 29
Benefit as a percentage of maximum benefit

low benefits (1 to 50 percent of max) 11,790 36,979 32,809 33,746 32 36 35

high benefits (51 to 99 percent of max) 17,551 18,300 18,313 18,869 96 96 93

51 to 75 percent 8,515 10,463 10,142 10,658 81 84 80
76 to 99 percent 9,035 7,837 8,171 8,211 115 111 110
maximum benefit 14,124 14,332 14,302 16,305 99 99 87




Table A.1: National Estimates (continued)

Factors Contributing to High Estimated SNAP Participation Rates

Eligible Participation Rate (Participants/Eligibles)
CPS SIPP ACS CPS SIPP ACS
Individual Characteristic Participating MATH TRIM3 MATH ATTIS MATH TRIM3 MATH ATTIS
2011 (Federal Rules)
All Individuals 40,694 52,161 56,146 54,413 78 72 75
Age
Children (17 or younger) 18,455 19,303 20,748 22,101 96 89 84
Pre-school age (0-4) 6,302 6,258 6,546 6,657 101 96 95
School-age (5-17) 12,153 13,046 14,202 15,444 93 86 79
Nonelderly adults (18 to 59) 18,844 23,985 26,529 24,677 79 71 76
Elderly Individuals (60+) 3,395 8,872 8,869 7,635 38 38 44
Adults age 18 to 49 without disabilities in childless households 4,132 4,975 7,643 5,349 83 54 77
Noncitizens 1,604 3,108 2,754 4,116 52 58 39
Citizen children living with noncitizen adults 3,433 4,831 5,680 3,114 71 60 110
Case size
1 or 2 people 16,906 22,447 26,881 23,545 75 63 72
1 person 9,429 10,509 16,147 12,967 90 58 73
2 people 7,477 11,938 10,734 10,578 63 70 71
3 people 8,288 9,968 9,577 9,629 83 87 86
4 or more people 15,500 19,746 19,688 21,240 78 79 73
Case countable income sources
No Earned income 24,565 27,975 30,500 27,324 88 81 90
Earned income 16,128 24,186 25,646 27,089 67 63 60
TANF 4,657 5,007 5,438 4,983 93 86 93
SSi 7,620 9,514 8,980 8,829 80 85 86
Social Security 6,790 11,515 11,147 11,905 59 61 57
Countable Income as a Percentage of Poverty Guidelines
No Income 6,221 8,310 7,945 6,887 75 78 90
1 to 50 percent 11,718 9,816 12,137 10,897 119 97 108
51 to 100 percent 16,808 19,410 22,343 22,911 87 75 73
101 percent or more 5,946 14,624 13,721 13,717 41 43 43
Benefit as a percentage of maximum benefit
low benefits (1 to 50 percent of max) 7,834 15,852 17,594 19,066 49 45 41
high benefits (51 to 99 percent of max) 18,898 20,863 22,808 20,958 91 83 90
51 to 75 percent 8,806 11,614 12,157 11,430 76 72 77
76 to 99 percent 10,092 9,249 10,652 9,528 109 95 106
maximum benefit 13,962 15,445 15,743 14,388 90 89 97




Factors Contributing to High Estimated SNAP Participation Rates

Table A.1: National Estimates (continued)

Eligible Participation Rate (Participants/Eligibles)
CPS SIPP ACS CPS SIPP ACS
Individual Characteristic Participating MATH TRIM3 MATH ATTIS MATH TRIM3 MATH ATTIS
2011 Including State Broad Based Categorical Eligibility (BBCE)
All Individuals 44,087 76,285 70,474 72,893 58 63 60
Age
Children (17 or younger) 19,891 24,196 23,928 26,617 82 83 75
Pre-school age (0-4) 6,767 7,588 7,395 7,809 89 92 87
School-age (5-17) 13,124 16,608 16,533 18,808 79 79 70
Nonelderly adults (18 to 59) 20,430 32,517 31,950 32,303 63 64 63
Elderly Individuals (60+) 3,765 19,571 14,596 13,973 19 26 27
Adults age 18 to 49 without disabilities in childless households 4,491 7,146 9,307 7,243 63 48 62
Noncitizens 1,758 4,001 3,238 5,080 44 54 35
Citizen children living with noncitizen adults 3,731 5,776 6,359 3,630 65 59 103
Case size
1 or 2 people 18,348 37,786 36,136 34,268 49 51 54
1 person 10,118 15,700 20,254 18,300 64 50 55
2 people 8,230 22,086 15,882 15,968 37 52 52
3 people 8,902 12,570 11,159 11,715 71 80 76
4 or more people 16,837 25,929 23,179 26,911 65 73 63
Case countable income sources
No Earned income 25,874 39,296 37,625 35,717 66 69 72
Earned income 18,213 36,990 32,849 37,177 49 55 49
TANF 4,700 5,268 5,579 5,132 89 84 92
SSi 7,684 10,441 9,631 9,744 74 80 79
Social Security 7,393 22,242 17,607 19,105 33 42 39
Countable Income as a Percentage of Poverty Guidelines
No Income 6,529 9,196 8,034 7,167 71 81 91
1 to 50 percent 12,203 11,436 12,942 12,294 107 94 99
51 to 100 percent 17,450 21,940 23,383 25,016 80 75 70
101 percent or more 7,905 33,713 26,115 28,416 23 30 28
Benefit as a percentage of maximum benefit
low benefits (1 to 50 percent of max) 9,701 34,373 29,958 33,486 28 32 29
high benefits (51 to 99 percent of max) 19,756 24,098 23,956 23,152 82 82 85
51 to 75 percent 9,246 13,543 12,816 12,816 68 72 72
76 to 99 percent 10,510 10,555 11,140 10,336 100 94 102
maximum benefit 14,630 17,814 16,560 16,255 82 88 90

Subgroups defined based on "Trends in Supplemental Nutrition Assistance Program Participation rates: Fiscal Year 2010 to Fiscal Year 2016"
Source: Developed from eligibility estimates from the MATH CPS-Eligibility model, MATH SIPP+ model, TRIM3, and ATTIS combined with participation estimates based
on SNAP QC data, as processed by Mathematica



Table A.2: National Estimated SNAP Case Participation Rates in 2011 and 2016
By Data Source, Model, and Whether Estimate Includes State Broad Based Categorical Eligibility (BBCE)

(Numbers in thousands)

Factors Contributing to High Estimated SNAP Participation Rates

Eligible Participation Rate (Participants/Eligibles)
CPS SIPP ACS CPS SIPP ACS
Case Characteristic Participating MATH TRIM3 MATH ATTIS MATH TRIM3 MATH ATTIS
2016 (Federal Rules)
All Cases 19,556 21,982 26,159 29,509 89 75 66
Case composition
Children (17 or younger) 8,524 8,183 8,527 9,402 104 100 91
Single-adult 5,106 3,832 3,971 4,680 133 129 109
Married-head 1,443 2,319 2,277 2,359 62 63 61
Other 1,976 2,031 2,279 2,363 97 87 84
Multiple-Adult 932 1,259 1,047 1,020 74 89 91
Child Only 1,044 772 1,231 1,343 135 85 78
No Children 11,032 13,799 17,632 20,107 80 63 55
Cases Containing
Elderly individuals 4,057 8,532 8,999 9,458 48 45 43
Non-elderly individuals with disabilities 4,172 4,486 4,467 4,358 93 93 96
Adults age 18 to 49 without disabilities in childless households 3,187 2,771 4,469 5,913 115 71 54
Noncitizens 1,195 2,032 1,900 1,933 59 63 62
Case countable income source
Earned Income 6,005 7,898 9,057 11,442 76 66 52
TANF 1,026 1,272 1,192 1,178 81 86 87
SsSi 4,546 4,439 4,843 4,794 102 94 95
Social Security 5,070 7,187 7,805 8,825 71 65 57
Countable Income as a Percentage of Poverty Guidelines
No Income 4,056 3,448 4,083 5,017 118 99 81
1 to 50 percent 4,074 3,307 4,300 4,488 123 95 91
51 to 100 percent 8,710 8,713 11,348 12,086 100 77 72
101 percent or more 2,716 6,514 6,428 7,919 42 42 34




Factors Contributing to High Estimated SNAP Participation Rates

Table A.2: National Estimates (continued)

Eligible Participation Rate (Participants/Eligibles)
CPS SIPP ACS CPS SIPP ACS
Case Characteristic Participating MATH TRIM3 MATH ATTIS MATH TRIM3 MATH ATTIS
2016 Including State Broad Based Categorical Eligibility (BBCE)
All Cases 21,483 34,011 35,197 37,179 63 61 58
Case composition
Children (17 or younger) 9,209 10,292 10,212 10,872 89 90 85
Single-adult 5,492 4,588 4,653 5,313 120 118 103
Married-head 1,593 3,266 2,862 2,872 49 56 55
Other 2,123 2,438 2,697 2,688 87 79 79
Multiple-Adult 1,008 1,532 1,194 1,165 66 84 87
Child Only 1,115 906 1,503 1,523 123 74 73
No Children 12,274 23,718 24,985 26,307 52 49 47
Cases Containing
Elderly individuals 4,676 16,605 14,087 13,342 28 33 35
Non-elderly individuals with disabilities 4,366 5,437 5,059 4,759 80 86 92
Adults age 18 to 49 without disabilities in childless households 3,524 4,218 5,895 7,438 84 60 47
Noncitizens 1,341 2,769 2,442 2,347 48 55 57
Case countable income source
Earned Income 6,865 12,912 12,797 15,114 53 54 45
TANF 1,036 1,286 1,230 1,210 81 84 86
SSi 4,584 4,645 5,037 4,917 99 91 93
Social Security 5,709 13,918 12,731 12,619 41 45 45
Countable Income as a Percentage of Poverty Guidelines
No Income 4,389 3,802 4,113 5,061 115 107 87
1 to 50 percent 4,250 4,153 4,842 4,741 102 88 90
51 to 100 percent 8,990 9,671 11,887 12,427 93 76 72
101 percent or more 3,853 16,384 14,354 14,950 24 27 26




Table A.2: National Estimates (continued)

Factors Contributing to High Estimated SNAP Participation Rates

Eligible Participation Rate (Participants/Eligibles)
CPS SIPP ACS CPS SIPP ACS
Case Characteristic Participating MATH TRIM3 MATH ATTIS MATH TRIM3 MATH ATTIS
2011 (Federal Rules)
All Cases 19,221 23,495 28,680 25,916 82 67 74
Case composition
Children (17 or younger) 9,047 9,325 10,102 10,800 97 90 84
Single-adult 5,227 4,187 4,569 5,277 125 114 99
Married-head 1,675 2,831 2,764 272 59 61 616
Other 2,145 2,307 2,769 5,250 93 77 41
Multiple-Adult 1,094 1,534 1,225 3,978 71 89 28
Child Only 1,051 773 1,544 1,272 136 68 83
No Children 10,175 14,170 18,578 15,117 72 55 67
Cases Containing
Elderly individuals 3,108 7,666 7,861 6,852 41 40 45
Non-elderly individuals with disabilities 4,051 4,825 4,880 4,505 84 83 90
Adults age 18 to 49 without disabilities in childless households 3,773 3,777 6,153 4,775 100 61 79
Noncitizens 1,107 2,161 1,897 2,855 51 58 39
Case countable income source
Earned Income 5,593 8,113 9,756 9,890 69 57 57
TANF 1,536 1,485 1,769 1,637 103 87 94
SSi 4,180 4,504 4,855 4,625 93 86 90
Social Security 4,250 7,076 7,553 7,637 60 56 56
Countable Income as a Percentage of Poverty Guidelines
No Income 3,940 4,327 5,334 3,873 91 74 102
1 to 50 percent 4,514 3,447 4,871 4,145 131 93 109
51 to 100 percent 8,188 8,920 11,424 11,050 92 72 74
101 percent or more 2,579 6,802 7,050 6,848 38 37 38




Table A.2: National Estimates (continued)

Factors Contributing to High Estimated SNAP Participation Rates

Eligible Participation Rate (Participants/Eligibles)
CPS SIPP ACS CPS SIPP ACS
Case Characteristic Participating MATH TRIM3 MATH ATTIS MATH TRIM3 MATH ATTIS
2011 Including State Broad Based Categorical Eligibility (BBCE)
All Cases 20,782 35,793 36,574 35,827 58 57 58
Case composition
Children (17 or younger) 9,788 11,759 11,749 13,097 83 83 75
Single-adult 5,587 4,953 5,169 6,051 113 108 92
Married-head 1,870 4,006 3,462 348 47 54 537
Other 2,331 2,801 3,117 6,698 83 75 35
Multiple-Adult 1,200 1,917 1,413 5,289 63 85 23
Child Only 1,131 884 1,705 1,409 128 66 80
No Children 10,993 24,034 24,825 22,730 46 44 48
Cases Containing
Elderly individuals 3,422 15,593 12,218 11,923 22 28 29
Non-elderly individuals with disabilities 4,198 5,886 5,504 5,168 71 76 81
Adults age 18 to 49 without disabilities in childless households 4,088 5,411 7,326 6,364 76 56 64
Noncitizens 1,211 2,803 2,252 3,551 43 54 34
Case countable income source
Earned Income 6,356 13,214 12,781 14,018 48 50 45
TANF 1,546 1,533 1,818 1,678 101 85 92
SSi 4,195 4,819 5,073 4,871 87 83 86
Social Security 4,657 13,770 11,907 12,635 34 39 37
Countable Income as a Percentage of Poverty Guidelines
No Income 4,148 4,769 5,390 4,066 87 77 102
1 to 50 percent 4,710 4,233 5,333 4,922 111 88 96
51 to 100 percent 8,466 10,001 11,910 11,994 85 71 71
101 percent or more 3,458 16,790 13,941 14,845 21 25 23

Subgroups defined based on "Trends in Supplemental Nutrition Assistance Program Participation rates: Fiscal Year 2010 to Fiscal Year 2016"
Source: Developed from eligibility estimates from the MATH CPS-Eligibility model, MATH SIPP+ model, TRIM3, and ATTIS combined with participation estimates based

on SNAP QC data, as processed by Mathematica



Factors Contributing to High Estimated SNAP Participation Rates

Table A.3: Estimated State-Level SNAP Individual Participation Rates for lllinois in 201€

By Data Source, Model, and Whether Estimate Includes State Broad Based Categorical Eligibility (BBCE) sample size <50
(Numbers in thousands)

Eligible Participation Rate (Participants/Eligibles)
CPS ACS CPS ACS

Individual Characteristic Participating MATH TRIM3 ATTIS MATH TRIM3 ATTIS
2016 (Federal Rules)
All Individuals 1,745 1,698 1,865 2,120 103 94 82
Age
Children (17 or younger) 737 648 717 742 114 103 99
Nonelderly adults (18 to 59) 835 714 808 961 117 103 87
Elderly Individuals (60+) 174 335 340 417 52 51 42
Adults age 18 to 49 without disabilities in childless households 207 129 260 298 160 80 70
Case size

1 person 500 402 560 684 124 89 73

2 or more people 1,245 1,296 1,305 1,436 96 95 87
Case earned income status

No Earned income 1,006 754 816 992 133 123 101

Earned income 739 944 1,049 1,128 78 70 66
Countable Income as a Percentage of Poverty Guidelines

No Income 372 216 209 304 172 178 122

1 to 50 percent 428 312 392 384 137 109 111

51 to 100 percent 755 652 791 858 116 95 88

101 percent or more 190 517 472 573 37 40 33
Benefit as a percentage of maximum benefit

low benefits (1 to 50 percent of max) 355 672 699 854 53 51 42

high benefits (51 to 99 percent of max) 826 642 659 652 129 125 127

maximum benefit 564 385 506 614 146 111 92
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Factors Contributing to High Estimated SNAP Participation Rates

Table A.3: lllinois (continued)

Eligible Participation Rate (Participants/Eligibles)
CPS ACS CPS ACS

Individual Characteristic Participating MATH TRIM3 ATTIS MATH TRIM3 ATTIS
2016 Including State Broad Based Categorical Eligibility (BBCE)
All Individuals 1,894 2,614 2,558 2,780 72 74 68
Age
Children (17 or younger) 783 876 867 884 89 90 89
Nonelderly adults (18 to 59) 910 1,042 1,026 1,188 87 89 77
Elderly Individuals (60+) 201 696 666 708 29 30 28
Adults age 18 to 49 without disabilities in childless households 228 210 322 375 109 71 61
Case size

1 person 553 661 800 907 84 69 61

2 or more people 1,341 1,953 1,758 1,873 69 76 72
Case earned income status

No Earned income 1,086 1,204 1,134 1,301 90 96 83

Earned income 808 1,409 1,425 1,478 57 57 55
Countable Income as a Percentage of Poverty Guidelines

No Income 402 262 209 304 153 192 132

1 to 50 percent 445 425 442 405 105 101 110

51 to 100 percent 794 781 848 886 102 94 90

101 percent or more 253 1,147 1,059 1,184 22 24 21
Benefit as a percentage of maximum benefit

low benefits (1 to 50 percent of max) 426 1,313 1,301 1,467 32 33 29

high benefits (51 to 99 percent of max) 863 779 713 673 111 121 128

maximum benefit 605 523 544 640 116 111 95

Subgroups defined based on "Trends in Supplemental Nutrition Assistance Program Participation rates: Fiscal Year 2010 to Fiscal Year 2016"
Source: Developed from eligibility estimates from the MATH CPS-Eligibility model, MATH SIPP+ model, TRIM3, and ATTIS combined with participation estimates based
on SNAP QC data, as processed by Mathematica
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Factors Contributing to High Estimated SNAP Participation Rates

Table A.4: Estimated State-Level SNAP Case Participation Rates in lllinois in 2016
By Data Source, Model, and Whether Estimate Includes State Broad Based Categorical Eligibility (BBCE) sample size < 50
(Numbers in thousands)

Eligible Participation Rate (Participants/Eligibles)
CPS ACS CPS ACS
Case Characteristic Participating MATH TRIM3 ATTIS MATH TRIM3 ATTIS
2016 (Federal Rules)
All cases 902 785 953 1,140 115 95 79
Case composition
Children (17 or younger) 366 282 310 357 130 118 102
Single-adult 224 129 150 180 174 149 124
Married-head 51 78 75 82 65 68 62
Other 91 75 85 95 121 108 95
Multiple-adult 39 a7 37 40 83 104 98
Child Only 52 28 47 55 186 110 94
No Children 536 503 643 782 107 83 69
Adults age 18 to 49 without disabilities in childless households 195 102 208 234 191 94 83
Case earned income status
No Earned income 628 470 567 686 134 111 92
Earned income 274 315 386 453 87 71 60
Countable Income as a Percentage of Poverty Guidelines
No Income 248 106 135 206 234 183 120
1 to 50 percent 161 112 170 179 144 95 20
51 to 100 percent 391 333 411 459 117 95 85
101 percent or more 102 234 237 295 44 43 35




Table A.4: lllinois (continued)

Factors Contributing to High Estimated SNAP Participation Rates

Eligible Participation Rate (Participants/Eligibles)
CPS ACS CPS ACS
Case Characteristic Participating MATH TRIM3 ATTIS MATH TRIM3 ATTIS
2016 Including State Broad Based Categorical Eligibility (BBCE)
All cases 987 1,264 1,366 1,526 78 72 65
Case composition
Children (17 or younger) 390 386 390 427 101 100 91
Single-adult 236 164 189 208 144 125 114
Married-head 57 124 100 107 46 57 53
Other 97 99 101 113 98 96 86
Multiple-adult 42 67 46 46 63 90 92
Child Only 55 32 55 67 172 101 82
No Children 597 878 975 1,099 68 61 54
Adults age 18 to 49 without disabilities in childless households 214 158 254 285 135 84 75
Case earned income status
No Earned income 687 789 816 916 87 84 75
Earned income 301 475 549 610 63 55 49
Countable Income as a Percentage of Poverty Guidelines
No Income 269 127 135 207 212 199 130
1 to 50 percent 169 170 201 193 99 84 88
51 to 100 percent 410 397 441 474 103 93 87
101 percent or more 139 571 588 652 24 24 21

Subgroups defined based on "Trends in Supplemental Nutrition Assistance Program Participation rates: Fiscal Year 2010 to Fiscal Year 2016"

Source: Developed from eligibility estimates from the MATH CPS-Eligibility model, MATH SIPP+ model, TRIM3, and ATTIS combined with participation estimates based

on SNAP QC data, as processed by Mathematica



Factors Contributing to High Estimated SNAP Participation Rates

Table A.5: Estimated State-Level SNAP Individual Participation Rates for Mississippi in 201€
By Data Source, Model, and Whether Estimate Includes State Broad Based Categorical Eligibility (BBCE)
(Numbers in thousands)

sample size < 50

Eligible Participation Rate (Participants/Eligibles)
CPS ACS CPS ACS

Individual Characteristic Participating MATH TRIM3 ATTIS MATH TRIM3 ATTIS
2016 (Federal Rules)
All Individuals 562 724 708 747 78 79 75
Age
Children (17 or younger) 253 256 260 259 99 97 98
Nonelderly adults (18 to 59) 260 313 320 355 83 81 73
Elderly Individuals (60+) 49 154 129 132 32 38 37
Adults age 18 to 49 without disabilities in childless households 43 41 54 86 105 79 50
Case size

1 person 124 157 218 227 79 57 55

2 or more people 439 566 490 520 78 90 85
Case earned income status

No Earned income 329 367 379 404 90 87 81

Earned income 233 357 330 342 65 71 68
Countable Income as a Percentage of Poverty Guidelines

No Income 101 108 96 118 94 106 86

1 to 50 percent 135 127 152 140 106 89 96

51 to 100 percent 270 298 340 327 91 79 83

101 percent or more 56 190 121 161 29 46 35
Benefit as a percentage of maximum benefit

low benefits (1 to 50 percent of max) 172 289 322 347 60 53 50

high benefits (51 to 99 percent of max) 234 253 222 208 92 105 112

maximum benefit 157 182 164 192 86 96 82
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Factors Contributing to High Estimated SNAP Participation Rates

Table A.5: Mississippi (continued)

Eligible Participation Rate (Participants/Eligibles)
CPS ACS CPS ACS

Individual Characteristic Participating MATH TRIM3 ATTIS MATH TRIM3 ATTIS
2016 Including State Broad Based Categorical Eligibility (BBCE)
All Individuals 579 819 730 757 71 79 76
Age
Children (17 or younger) 260 283 265 261 92 98 100
Nonelderly adults (18 to 59) 268 350 329 358 77 81 75
Elderly Individuals (60+) 51 187 136 138 27 38 37
Adults age 18 to 49 without disabilities in childless households 45 45 54 86 100 83 52
Case size

1 person 128 174 223 231 74 57 55

2 or more people 451 646 507 526 70 89 86
Case earned income status

No Earned income 339 420 391 411 81 87 82

Earned income 240 399 338 346 60 71 69
Countable Income as a Percentage of Poverty Guidelines

No Income 105 118 96 118 89 110 89

1 to 50 percent 138 144 159 143 96 87 97

51 to 100 percent 277 328 345 333 84 80 83

101 percent or more 58 229 130 164 25 45 35
Benefit as a percentage of maximum benefit

low benefits (1 to 50 percent of max) 177 333 335 353 53 53 50

high benefits (51 to 99 percent of max) 239 283 227 211 84 105 113

maximum benefit 163 204 168 194 80 97 84

Subgroups defined based on "Trends in Supplemental Nutrition Assistance Program Participation rates: Fiscal Year 2010 to Fiscal Year 2016"
Source: Developed from eligibility estimates from the MATH CPS-Eligibility model, MATH SIPP+ model, TRIM3, and ATTIS combined with participation estimates based
on SNAP QC data, as processed by Mathematica



Factors Contributing to High Estimated SNAP Participation Rates

Table A.6: Estimated State-Level SNAP Case Participation Rates in Mississippi in 2016
By Data Source, Model, and Whether Estimate Includes State Broad Based Categorical Eligibility (BBCE)
(Numbers in thousands)

sample size < 50

Eligible Participation Rate (Participants/Eligibles)
CPS ACS CPS ACS
Case Characteristic Participating MATH TRIM3 ATTIS MATH TRIM3 ATTIS
2016 (Federal Rules)
All cases 259 330 367 390 78 71 66
Case composition
Children (17 or younger) 123 120 126 127 103 98 97
Single-adult 84 59 65 81 142 129 103
Married-head 19 32 34 27 59 56 70
Other 20 29 27 18 69 75 109
Multiple-Adult 19 24 18 15 79 107 127
Child Only 1 5 9 3 20 11 29
No Children 137 210 241 264 65 57 52
Adults age 18 to 49 without disabilities in childless households 37 30 45 68 123 82 55
Case earned income status
No Earned income 186 222 249 257 84 75 72
Earned income 73 108 118 134 68 62 55
Countable Income as a Percentage of Poverty Guidelines
No Income 59 55 63 69 107 93 85
1 to 50 percent 43 38 53 55 113 80 78
51 to 100 percent 134 150 188 182 89 71 74
101 percent or more 23 87 63 84 26 37 27




Factors Contributing to High Estimated SNAP Participation Rates

Table A.6: Mississippi (continued)

Eligible Participation Rate (Participants/Eligibles)
CPS ACS CPS ACS
Case Characteristic Participating MATH TRIM3 ATTIS MATH TRIM3 ATTIS
2016 Including State Broad Based Categorical Eligibility (BBCE)
All cases 268 372 378 397 72 71 68
Case composition
Children (17 or younger) 126 132 129 128 95 98 99
Single-adult 86 63 67 82 137 128 105
Married-head 20 38 35 28 53 57 73
Other 20 30 27 18 67 74 108
Multiple-adult 19 25 18 15 76 107 127
Child only 1 5 9 3 20 11 29
No Children 142 240 250 269 59 57 53
Adults age 18 to 49 without disabilities in childless households 39 32 45 68 122 86 57
Case earned income status
No Earned income 192 252 256 262 76 75 73
Earned income 75 120 122 135 63 61 56
Countable Income as a Percentage of Poverty Guidelines
No Income 61 60 63 69 102 96 88
1 to 50 percent 44 45 59 57 98 75 78
51 to 100 percent 137 162 190 185 85 72 74
101 percent or more 25 104 66 86 24 38 29

Subgroups defined based on "Trends in Supplemental Nutrition Assistance Program Participation rates: Fiscal Year 2010 to Fiscal Year 2016"
Source: Developed from eligibility estimates from the MATH CPS-Eligibility model, MATH SIPP+ model, TRIM3, and ATTIS combined with participation estimates based
on SNAP QC data, as processed by Mathematica
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Factors Contributing to High Estimated SNAP Participation Rates

Table A.7: Estimated State-Level SNAP Individual Participation Rates for Tennessee in 2016
By Data Source, Model, and Whether Estimate Includes State Broad Based Categorical Eligibility (BBCE) sample size <50
(Numbers in thousands)

Eligible Participation Rate (Participants/Eligibles)
CPS ACS CPS ACS

Individual Characteristic Participating MATH TRIM3 ATTIS MATH TRIM3 ATTIS
2016 (Tennessee does not have BBCE so results reflect eligibility under federal rules;
All Individuals 1,100 1,184 1,238 1,353 93 89 81
Age
Children (17 or younger) 467 417 432 461 112 108 101
Nonelderly adults (18 to 59) 526 509 587 651 103 90 81
Elderly Individuals (60+) 107 257 219 241 42 49 44
Adults age 18 to 49 without disabilities in childless households 119 73 136 198 163 88 60
Case size

1 person 294 261 399 422 113 74 70

2 or more people 806 923 840 932 87 96 87
Case earned income status

No Earned income 691 652 699 695 106 929 99

Earned income 409 532 540 658 77 76 62
Countable Income as a Percentage of Poverty Guidelines

No Income 257 165 205 199 156 125 129

1 to 50 percent 285 257 257 249 111 111 115

51 to 100 percent 444 434 535 583 102 83 76

101 percent or more 114 328 242 323 35 47 35
Benefit as a percentage of maximum benefit

low benefits (1 to 50 percent of max) 291 439 532 617 66 55 47

high benefits (51 to 99 percent of max) 411 395 337 397 104 122 104

maximum benefit 399 350 370 339 114 108 118

Subgroups defined based on "Trends in Supplemental Nutrition Assistance Program Participation rates: Fiscal Year 2010 to Fiscal Year 2016"
Source: Developed from eligibility estimates from the MATH CPS-Eligibility model, MATH SIPP+ model, TRIM3, and ATTIS combined with participation estimates based
on SNAP QC data, as processed by Mathematica
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Table A.8: Estimated State-Level SNAP Case Participation Rates in Tennessee in 2016
By Data Source, Model, and Whether Estimate Includes State Broad Based Categorical Eligibility (BBCE) sample size < 50
(Numbers in thousands)

Eligible Participation Rate (Participants/Eligibles)
CPS ACS CPS ACS
Case Characteristic Participating MATH TRIM3 ATTIS MATH TRIM3 ATTIS
2016 (Tennessee does not have BBCE so results reflect eligibility under federal rules)
All cases 543 562 667 717 97 81 76
Case composition
Children (17 or younger) 221 206 219 226 107 101 98
Single-adult 141 104 117 128 136 120 110
Married-head 40 55 51 53 73 78 75
Other 41 47 51 44 87 81 94
Multiple-adult 27 29 26 25 93 103 106
Child only 13 18 25 18 72 53 71
No Children 321 356 447 492 90 72 65
Adults age 18 to 49 without disabilities in childless households 111 53 115 156 209 96 71
Case earned income status
No Earned income 399 375 454 455 106 88 88
Earned income 144 186 213 262 77 68 55
Countable Income as a Percentage of Poverty Guidelines
No Income 159 86 125 131 185 127 122
1 to 50 percent 99 92 121 107 108 82 93
51 to 100 percent 227 223 293 305 102 78 74
101 percent or more 58 161 127 175 36 46 33

Subgroups defined based on "Trends in Supplemental Nutrition Assistance Program Participation rates: Fiscal Year 2010 to Fiscal Year 2016"

Source: Developed from eligibility estimates from the MATH CPS-Eligibility model, MATH SIPP+ model, TRIM3, and ATTIS combined with participation estimates based
on SNAP QC data, as processed by Mathematica

A-18



Factors Contributing to High Estimated SNAP Participation Rates

Appendix B: CPS ASEC Interview Rate and Representation Analysis

List of Tables
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B.3: Interview Status by SNAP Case Type, 2017

B.4: Share of SNAP Cases Representdtien_inked Data, by Case Type and Year



Table B.1

Factors Contributing to High Estimated SNAP Participation Rates

Interview Status by Whether SNAP Case at Housing Unit Address, by State, 2016

SNAP case at CPS address?

All CPS sampled

housing units Yes
lllinois

N 1,900 200 1,700
Weighted (thousands) 5,108 600 4,508
Interview status

Percentage distribution 100% 100% 100%
Interview 74% 82% 73%
Non interview: Type A 11% 12% 10%
Non interview: Type B/C 15% 6% 16%

Mississippi

N 1,400 200 1,200
Weighted (thousands) 1,243 161 1,082
Interview status

Percentage distribution 100% 100% 100%
Interview 67% 82% 65%
Non interview: Type A 12% 9% 12%
Non interview: Type B/C 21% 9% 23%

Tennessee

N 1,400 250 1,100
Weighted (thousands) 2,780 459 2,321
Interview status

Percentage distribution 100% 100% 100%
Interview 69% 75% 68%
Non interview: Type A 14% 19% 13%
Non interview: Type B/C 18% 6% 20%

Sources: Decision Demographics & Urban Institute tabulations of linked 2016 CPS ASEC and

SNAP administrative data for lllinois, Mississippi, and Tennessee

Universe: Housing units in the basic March CPS sample (excluding Hispanic oversample)

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-029 (Ns are rounded to meet
disclosure avoidance requirements).
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Table B.2
Interview Status and Whole Imputation by Whether SNAP Case at Household Address, by State, 2017

SNAP case at CPS address?

CPS sampled
households Yes No

N 2,200 350 1,900

Weighted (thousands) 3,338 519 2,818

Interview status

Percentage distribution 100% 100% 100%
Interview, not whole impute 71% 79% 70%
Basic CPS interview, whole impute to ASEC 14% 7% 15%
Non-Interview: Type A 15% 14% 15%

MISSISSIPPI

N 1,100 150 950

Weighted (thousands) 985 136 850

Interview status

Percentage distribution 100% 100% 100%
Interview, not whole impute 77% 86% 75%
Basic CPS interview, whole impute to ASEC 9% 6% 9%
Non-Interview: Type A 15% 8% 16%

TENNESSEE

N 1,200 200 950

Weighted (thousands) 2,352 383 1,969

Interview status

Percentage distribution 100% 100% 100%
Interview, not whole impute 69% 7% 68%
Basic CPS interview, whole impute to ASEC 16% 7% 18%
Non-Interview: Type A 15% 16% 14%

Sources: Decision Demographics & Urban Institute tabulations of linked 2017 CPS ASEC and SNAP administrative
data for Mississippi and Tennessee

Universe: Households in the basic March CPS sample (excluding Hispanic oversample). Excludes type B and type C
non-interview housing units.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-028 and CBDRB-FY21-CES014-029
(Ns are rounded to meet disclosure avoidance requirements).
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Table B.3
Interview Status by SNAP Case Type, 2017"

SNAP case type

At least one
member 60+, One adult with Multiple adults One person case,
Total? without children child(ren) with child(ren) age 18 to 59

N 450 70 100 70 150
Weighted (thousands) 668 95 187 103 245
Percentage distribution 100% 100% 100% 100% 100%
Interview, not whole impute 74% 75% 69% 83% 75%
Basic CPS Interview, whole impute to ASEC 8% 4% 11% 9% 4%
Non-interview: Type A 11% 16% 13% 10%
Non-interview: Type BC 7% 5% 6% 11%
Non-interview: Type ABC 9%

Sources: Decision Demographics & Urban Institute tabulations of linked 2017 CPS ASEC and SNAP administrative data for
Mississippi and Tennessee

Universe: Housing units in the basic March CPS sample (excluding Hispanic oversample) that match the address of a SNAP case.
Addresses are matched by MAFID to preserve confidentiality.

'Bottom row combines cells to avoid disclosure.

“The total includes child only cases and cases with multiple adults without members younger than 18 or 60 or above, not shown
separately.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-028 (Ns are rounded and some cells are collapsed to meet
disclosure avoidance requirements).
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Table B.4
Share of SNAP Cases Represented in the Linked Data, by Case Type and Year

Cases in SNAP Weighted SNAP Percentage of SNAP
administrative data ~ cases in linked data cases represented in
(thousands) (thousands) linked data
2012
Total 1,819 1,565 86%
At least one member 60+ without children 272 232 85%
Child only 62 44 71%
One adult with child(ren) 483 456 94%
Multiple adults with child(ren) 253 278 110%
One person case, age 18 to 59 663 501 76%
Multiple person case, all age 18 to 59 84 55 66%
2013
Total 1,978 1,616 82%
At least one member 60+ without children 297 252 85%
Child only 68 54 79%
One adult with child(ren) 513 435 85%
Multiple adults with child(ren) 263 293 111%
One person case, age 18 to 59 747 504 68%
Multiple person case, all age 18 to 59 89 79 89%
2014
Total 1,969 1,585 81%
At least one member 60+ without children 311 262 84%
Child only 67 46 69%
One adult with child(ren) 506 475 94%
Multiple adults with child(ren) 254 267 105%
One person case, age 18 to 59 743 474 64%
Multiple person case, all age 18 to 59 87 61 70%
2015
Total 1,986 1,651 83%
At least one member 60+ without children 328 293 89%
Child only 69 53 77%
One adult with child(ren) 497 452 91%
Multiple adults with child(ren) 238 259 109%
One person case, age 18 to 59 770 527 68%
Multiple person case, all age 18 to 59 83 67 81%
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Table B.4, continued

Factors Contributing to High Estimated SNAP Participation Rates

Cases in SNAP
administrative data

Weighted SNAP
cases in linked data

Percentage of SNAP
cases represented in

(thousands) (thousands) linked data
2016
Total 1,783 1,326 74%
At least one member 60+ without children 328 281 86%
Child only 63 40 64%
One adult with child(ren) 454 370 82%
Multiple adults with child(ren) 209 253 121%
One person case, age 18 to 59 661 322 49%
Multiple person case, all age 18 to 59 66 57 86%

Sources: Decision Demographics & Urban Institute tabulations of 2012—-2016 linked CPS ASEC and SNAP administrative data

for lllinois, Mississippi, and Tennessee

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-028 (Ns are rounded to meet disclosure avoidance

requirements).
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Appendix C: Eligibility Analysis
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Table C.1
ASEC Characteristics of SNAP Cases by TRIM3 Eligibility Status, by Year

ligible 1+  Ineligible in
Err?onths all rrfonths Total

2012
N 600 200 800
Weighted total (in thousands) 1,564
TRIM3 unit and case match status
Percentage distribution 100% 100% 100%
TRIM3 unit matches SNAP case 65% 23% 54%
Mismatch: at least one case member not in ASEC household 17% 22% 18%
Mismatch: all case members are in ASEC household 18% 55% 27%
Imputation
No imputation 81% 60% 76%
Whole impute 7% 18% 10%
Not whole impute, any income item imputed 12% 22% 14%

2013
N 600 200 800
Weighted total (in thousands) 1,617
TRIM3 unit and case match status
Percentage distribution 100% 100% 100%
TRIM3 unit matches SNAP case 67% 28% 58%
Mismatch: at least one case member not in ASEC household 14% 30% 18%
Mismatch: all case members are in ASEC household 19% 42% 24%
Imputation
No imputation 77% 56% 72%
Whole impute 8% 15% 9%
Not whole impute, any income item imputed 15% 29% 18%
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Table C.1, continued

Eligible 1+  Ineligible in
mgot;tehs aIT nfobntehs Total

2014
N 600 200 800
Weighted total (in thousands) 1,586
TRIM3 unit and case match status
Percentage distribution 100% 100% 100%
TRIM3 unit matches SNAP case 65% 28% 56%
Mismatch: at least one case member not in ASEC household 18% 31% 21%
Mismatch: all case members are in ASEC household 18% 41% 23%
Imputation
No imputation 71% 44% 65%
Whole impute 8% 26% 12%
Not whole impute, any income item imputed 21% 30% 23%

2015
N 700 250 950
Weighted total (in thousands) 1,651
TRIM3 unit and case match status
Percentage distribution 100% 100% 100%
TRIM3 unit matches SNAP case 65% 22% 53%
Mismatch: at least one case member not in ASEC household 17% 27% 20%
Mismatch: all case members are in ASEC household 17% 51% 27%
Imputation
No imputation 66% 46% 61%
Whole impute 8% 28% 14%
Not whole impute, any income item imputed 25% 26% 26%
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Table C.1, continued

Eligible 1+ Ineligible in

months all months Total
2016

N 600 200 800
Weighted total (in thousands) 1,326
TRIM3 unit and case match status

Percentage distribution 100% 100% 100%
TRIM3 unit matches SNAP case 63% 31% 54%
Mismatch: at least one case member not in ASEC household 21% 28% 23%
Mismatch: all case members are in ASEC household 16% 41% 23%
Imputation

No imputation 69% 33% 58%
Whole impute 9% 35% 17%
Not whole impute, any income item imputed 22% 32% 25%

Sources: Decision Demographics & Urban Institute tabulations of combined 2012-2016 linked CPS ASEC, TRIM3, and SNAP
administrative data for Illinois, Mississippi, and Tennessee

Note: Cases identified as “No impute” correspond to a TRIM3 unit in which no member has imputation of the entire ASEC supplement
(“Whole impute”) or any income value (“Income item impute”). SNAP case status reflects the CPS ASEC survey month. TRIM3 simulated
eligibility reflects eligibility in at least one month of the prior calendar year.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-027
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Table C.2
ASEC Characteristics of SNAP Cases by TRIM3 Eligibility Status; Combined 2012 to 2016 data, by state

Eligible 1+ Ineligible in

months all months Total
ILLINOIS

N 1,300 450 1,700
Weighted total (in thousands) 3,665
Percentage distribution 100% 100% 100%
TRIM3 unit matches SNAP Case 61% 25% 51%
Mismatch: at least one case member not in ASEC household 17% 27% 20%
Mismatch: all case members are in ASEC household 22% 49% 29%
Imputation

No imputation 69% 46% 63%
Whole impute 9% 25% 14%
Not whole impute, any income item imputed 21% 29% 24%

MISSISSIPPI

N 950 250 1,200
Weighted total (in thousands) 1,345
Percentage distribution 100% 100% 100%
TRIM3 unit matches SNAP Case 65% 25% 56%
Mismatch: at least one case member not in ASEC household 21% 25% 22%
Mismatch: all case members are in ASEC household 14% 50% 22%
Imputation

No imputation 82% 62% 78%
Whole impute 3% 16% 6%
Not whole impute, any income item imputed 15% 22% 17%

TENNESSEE

N 850 300 1,200
Weighted total (in thousands) 2,732
Percentage distribution 100% 100% 100%
TRIM3 unit matches SNAP Case 71% 29% 60%
Mismatch: at least one case member not in ASEC household 15% 30% 19%
Mismatch: all case members are in ASEC household 14% 41% 21%
Imputation

No imputation 73% 45% 66%
Whole impute 9% 27% 14%
Not whole impute, any income item imputed 18% 28% 20%

Sources: Decision Demographics & Urban Institute tabulations of combined 2012—-2016 linked CPS ASEC, TRIM3, and SNAP
administrative data for lllinois, Mississippi, and Tennessee

Note: Cases identified as “No impute” correspond to a TRIM3 unit in which no member has imputation of the entire ASEC supplement
(“Whole impute”) or any income value (“Income item impute”). SNAP case status reflects the CPS ASEC survey month. TRIM3 simulated
eligibility reflects eligibility in at least one month of the prior calendar year.

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-027
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Table C.3
Percentage of SNAP Case Members in State Ad Rec Data that
appear to be Non-participating Based on State Codes

Percentage of SNAP case members
that are non-participating

lllinois Mississippi Tennessee
2012 0.0 15 suppressed
2013 0.0 3.3 0.6
2014 0.0 25 suppressed
2015 0.0 2.8 0.6
2016 0.0 3.2 suppressed
2017 na 3.3 0.9

Sources: Decision Demographics & Urban Institute tabulations of 2012-2017
State SNAP administrative data

Universe: SNAP administrative case persons in lllinois, Mississippi, and
Tennessee

DRB Delegated Authority Approval Number CBDRB-FY21-CES014-028

C-5



	Complete Apps FIN.pdf
	Appendix B FIN.pdf
	b1.pdf
	b2.pdf
	b3.pdf
	b4.pdf

	Appendix C FIN.pdf
	c1.pdf
	c2.pdf
	c3.pdf



